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Abstract

Travel live streaming has gained in popularity in recent years and has become a crucial element of the tourism
sector in certain countries. The phenomenon is, however, underexplored in the tourism and hospitality field. This
study explores the role of information quality and destination attractiveness in shaping consumers’ cognition
assimilation and travel inspiration arousal, and how these in turn promote impulsive buying behavior when
watching travel live streams. PLS-SEM-ANN was used to analyze data collected from 459 respondents of an
online questionnaire. The findings showed that information completeness, information accuracy, and destination
aesthetic value significantly influenced cognitive assimilation, while destination reputation, destination novelty,
and destination aesthetic value all significantly influenced travel inspiration arousal. Furthermore, the results of
the artificial neural network analysis indicated that travel inspiration arousal had the greatest predictive power
in terms of impulsive buying, while destination aesthetic value had the greatest impact on cognitive assimilation
and travel inspiration arousal. This research provides valuable marketing insights for tourism e-commerce and
deepens the understanding of the consumers’ impulsive buying behavior driven by cognition and emotion during

travel live streaming.
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Introduction

Digital technology has had a profound influence on the
tourism and hospitality industry in the last quarter of a
century (Gutierriz et al., 2023), including the devel-
opment of platforms such as travel live streaming
(TLS). TLS has proliferated in travel e-commerce as
the media platforms on which it is hosted, such as
Facebook, Instagram, TikTok, and YouTube, have also
grown locally and spread globally. This has made TLS
into an increasingly important tool in travel marketing
(Guo et al., 2024; Liu et al., 2024), particularly in China
where there are over billion of TLS viewers (Shao and
Huang, 2025). Some estimates even put the number of
TLS viewers in China at over 10 billion (2022 TikTok
Tourism Industry Ecological Report; see Chen et al.,
2025). TLS platforms enable the sharing of travel ex-
periences, presenting them vividly and in real-time,
allowing audience members to be immersed in the
destination and to interact, through the presenter, with
its various features and attractions. In this way, TLS

provides direct and immediate consumer access to
information, providing travelers with a shopping
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experience with powerful cognitive and emotional
features (Liang et al., 2024).

The focus of TLS is on travel product sales and
destination promotion (Deng et al., 2021; Lv et al.,
2022). Potential travelers can purchase airline tickets,
hotels, tours, and other related tourism products and
services on such platforms. TLS can be said to have two
significant advantages as a marketing channel. First, it
facilitates real-time interaction, product display,
knowledge sharing, and entertainment in a single
package that is brought to potential travelers in their
homes (Liu et al., 2024; Lv et al., 2022). Each TLS
transmission delivers a sensory-rich, immersive audio-
visual presentation, wherein consumers are likely to
engage in impulsive buying, especially when they have
been drawn into a positive emotional state (Liang et al.,
2024; Lv et al., 2022). Second, TLS allows consumers
to easily cancel any purchases they make, giving them
the freedom to mitigate any regret following their im-
pulsive purchase.

Researchers have further outlined the characteristics
of TLS, stating that its defining features comprise in-
formativity, entertainment, and interactivity (Lv et al.,
2022). Researchers have also discussed TLS from a
theoretical perspective. Indeed, Deng et al. (2021) have
proposed a TLS framework based on affordance theory,
which is composed of three important elements of travel
experience, content production, and consumption
(Deng et al., 2021). Researchers have also explored
audience members’ motivations for participation in
TLS. This includes the work of Li et al. (2022), which
found that the primary motivators to participate in TLS
are the easy acquisition of information and entertain-
ment. Moreover, in terms of consumer behavior research
in the context of TLS, Zhang et al.’s (2021) study found
that a destination image significantly enhances trust in
potential travelers, thereby increasing their travel in-
tentions. Liu et al. (2024) have asserted that information
quality positively impacts on the consumers’ behavioral
intention. Based on the stimulus-organism-response
framework, Liang et al. (2024) indicated that inter-
activity, authenticity, and entertainment can all facilitate
consumers’ impulsive travel intentions under the effect
of a positive emotional state driven by psychological flow
and the development of trust.

Despite there being a number of studies that have
addressed the topic of TLS and there being a wide-
spread adoption of TLS as a marketing tool, particularly
in China (Liang et al., 2024), it is still uncommon to see
researchers exploring the impulsive buying of travel
products as an outcome of TLS (Liu et al., 2022a; Lv
et al., 2022). Hence, this study aims to contribute to the
body of tourism research by introducing two new
cognitive and emotional variables: cognitive assimila-
tion and travel inspiration arousal (Xu et al., 2020). The

former pertains to how consumers process and incor-
porate new information into their existing base of
knowledge to understand the travel products promoted
in TLS, while the latter encompasses the emotional and
motivational triggers that prompt consumers to make
impulsive travel-related purchases.

Furthermore, this study aims to scrutinize the ante-
cedents and consequences of cognitive assimilation and
travel inspiration arousal to extend the academic un-
derstanding of travel consumer behavior during TLS, as
well as providing useful practical insights for tourism
marketing practitioners. Specifically, this study examines
the roles of information quality (in terms of complete-
ness, accuracy, and currency) and destination attrac-
tiveness (in terms of reputation, novelty, and aesthetics)
on cognitive assimilation and travel inspiration arousal
(Fangetal., 2023; Liu et al., 2024), which are deemed as
the drivers of impulsive buying behavior (Yan et al.,
2022). To achieve these objectives, a conceptual
framework was developed and is presented in Figure 1.

Literature review and
hypothesis development

Information quality

Presenting detailed information on a travel destination
(i.e., price and product attributes) with clarity, ob-
jectivity, and precision can enhance consumers’ trust
and improve their satisfaction and decision-making
ability (Chang et al., 2019; Gao et al., 2012). When
consumers perceive the information to be helpful, they
are more likely to accept it, internalize it as new
knowledge, and adjust their cognition of the products
concerned (Chang et al., 2019). This process is known
as cognitive assimilation (Xu et al., 2020).

In the context of TLS, information quality can be
measured in terms of its currency, completeness, and
accuracy (Nelson et al., 2005; Shi et al., 2024; Xu et al.,
2020), such features being required for it not only to be
able to enhance consumers’ cognitive evaluations and
emotional experiences (Liu et al., 2024) but also to
facilitate its cognitive assimilation and integration (Xu
et al., 2020).

Specifically, completeness helps ensure that poten-
tial consumers obtain product information that is
comprehensive, thorough and broad enough to lower
purchase risk and promote cognition assimilation
(Filieri and McLeay, 2014). Information completeness,
which indicates the breadth and depth of product in-
formation, is crucial in the online shopping environ-
ment for consumers to better ascertain the value behind
the message, especially given the high information
asymmetry in the online world (Ding et al., 2025). In
addition, it was opined that a complete piece of
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Figure 1. Conceptual framework.

information appeals to online users as their information
needs are satisfied (Ng et al., 2023). The accuracy of
information requires that it is correctly, clearly, and
objectively presented, enhancing customers’ trust and
willingness to assimilate the information (Filieri and
McLeay, 2014; Nelson et al., 2005). This is very much
the case in the context of live streaming, as consumers
rely on accurate information to closely assess the
product-related elements of the offer (Ding et al.,
2025). With accurate information, live streaming
consumers do no need to waste time and effort in
identifying and verifying ambiguous information, al-
lowing them to easily determine the actual value of a
product (Gao et al., 2021). Therefore, it is not sur-
prising that information accuracy is one of the critical
elements of information quality that live streaming
consumers carefully evaluate in making their purchase
decisions (Yang et al., 2024).

The currency of information, meanwhile, ensures
that it provides the latest status of travel products,

allowing customers to make decisions based on the
current information, thereby augmenting their per-
ception of the credibility of the information (Cai et al.,
2018). Gao et al. (2021) asserted that information
currency is easily attained in live streaming as the
platforms afford viewers the opportunity to interact with
the presenters instantly using the bullet screen. Fur-
thermore, as Ding et al. (2025) argue, live streaming
consumers can be highly motivated to analyze a product
because hosts are able to constantly update their con-
tent in terms of depth and richness of information.
Information currency is therefore important in live
streaming as a source of information quality
(Kanchanatanee, 2024).

The completeness, accuracy, and currency of the
information are all known to significantly influence
consumers’ cognitive processing and their perception of
the persuasive message, thereby shaping their behav-
ioral intentions (Gao et al., 2021). Das et al. (2024)
found that the quality of information on social media
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platforms and short-form video content can influence
consumers’ destination perceptions and visit intentions.
High-quality information on travel products that is
complete, precise, and up to date can not only impact
consumers’ cognition and formation of destination
image but also positively influence their perceptions of
persuasiveness and trust, which in turn impacts upon
their purchasing behavior (Gao et al., 2021; Kim et al.,
2017; Shi et al., 2024). High-quality information is also
critical during the pre-trip information search stage, as it
can inspire the consumers’ travel interest, arouse their
excitement, and impact upon their information processing
(Dai et al., 2022; Gonzalez-Rodriguez et al., 2022).

In the TLS context, the completeness, currency, and
accuracy of information have been found to enhance
consumers’ judgment that the information is depend-
able (Gao et al., 2021), and to press them into action,
turning travel ideas into actual behavior (Nguyen et al.,
2023). This process is consistent with the notion of
inspiration arousal, i.e., that high-quality information
can boost consumers’ motivational states and drive
travel-related behaviors (Choi and Lee, 2019). The
completeness, currency, and accuracy of the informa-
tion not only facilitates cognitive assimilation by
shaping consumers’ cognition but also exerts a favor-
able effect on arousing their travel inspiration. Hence,
the following hypotheses are proposed:

Hla: Information completeness exerts a positive
effect on cognitive assimilation.

H2a: Information accuracy exerts a positive effect on
cognitive assimilation.

H3a: Information currency exerts a positive effect on
cognitive assimilation.

Hl1b: Information completeness exerts a positive
effect on travel inspiration arousal.

H2b: Information accuracy exerts a positive effect on
travel inspiration arousal.

H3b: Information currency exerts a positive effect on
travel inspiration arousal.

Destination attractiveness

Studies show that destination attractiveness is deter-
mined by reputation, novelty, and aesthetic value (Fang
et al., 2023) and that it can significantly affect travelers’
intentions and experiences (Dewantara et al., 2023; Ma
et al., 2018).

Destination reputation refers to the popularity and
brand appeal of the destination (Artigas et al., 2015; Su
and Lu, 2018). Generally, tourism destinations with a
positive reputation would be well-known for relevant
attributes such as their safety, hospitality, culture, and
visitor experience, whereas those with a negative rep-
utation are usually associated with attributes such as

political instability, infrastructure problems, and so on
(Ibrahim et al., 2023). Moradi et al. (2023) thus argue
that a good destination reputation helps a destination
prosper by ensuring its continuous development and
foreign investment. Moreover, a positive or favorable
reputation not only positively influences tourists’ loyalty
and the destination’s competitiveness, but also im-
proves consumers’ satisfaction (Su and Lu, 2018).

Novelty, meanwhile, relates to the unique natural,
historical, and cultural features that travelers can ex-
perience (Zhang and Xu, 2020). If a tourism destination
is perceived as novel, it will tend to attract those tourists
who seek novelty in their travels (Albaity and Melhem,
2017). Therefore, as argued by Zhang et al. (2020), the
offers of a novel tourism experience not only makes a
tourist destination attractive but also represents a
critical aspect of the tourism destination that encour-
ages potential tourists to adopt a positive attitude to-
wards the tourism destination. Indeed, Hao et al.
(2025) have noted that destination novelty has a sig-
nificant role in driving tourist loyalty.

Destination aesthetic value, meanwhile, is associated
with the visual appeal of the destination, which can
stimulate potential travelers’ imaginations and arouse
their travel inspiration (Fang et al., 2023; Liu et al.,
2023). Tourists are increasingly showing a strong de-
mand for aesthetics when they are receiving tourism
marketing information (Xie et al., 2024). It was also
asserted that tourism aesthetics may have a long-term
effect on tourists, especially on their attitudinal and
behavioral attributes such as loyalty (Kirillova et al.,
2014). Hence, as proposed by Nasiri et al. (2024),
aesthetics has become a source of pleasure at tourism
destinations that are bound to be considered by tourists
in their travel experience evaluations.

Taken as a whole, studies have shown that desti-
nation attractiveness brings positive impacts on con-
sumers’ cognitive assimilation by enhancing their
information processing, anticipatory consistency, and
sensory perception. A favorable reputation may help to
shape travelers’ image perception, strengthening their
intention to travel to the destination (Luo et al., 2022;
Zhang et al., 2021). It may also promote travelers’
destination selection, engagement, and satisfaction, as
well to stimulate revisit and recommendation behavior
(Saini et al., 2024). Novelty is considered a crucial
factor that attracts consumers to watch TLS broadcasts
(Liu et al., 2022b) and the pursuit of novelty not only
reflects tourists’ psychological need for engaging in
unique and diverse travel experiences but also influ-
ences their destination cognition and perceived value
(Cheng and Lu, 2013; Das et al., 2024). Furthermore,
visual aesthetic value is considered an important ele-
ment of the experience sought by tourists, and it can
influence tourist consumers’ cognitive evaluations of
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the destination by stimulating their visual and audial
senses (Gulertekin Genc and Temizkan, 2023).
Research has found that destination reputation, aes-
thetic value, and the novelty embodied in short-form
videos can effectively enhance destination attractive-
ness, capture viewers’ attention, and ignite their travel
inspiration (Fang et al., 2023). The following hypoth-
eses are therefore proposed:

H4a: Destination reputation exerts a positive effect
on cognitive assimilation.

H5a: Destination novelty exerts a positive effect on
cognitive assimilation.

Ho6a: Destination aesthetic value exerts a positive
effect on cognitive assimilation.

H4b: Destination reputation exerts a positive effect
on travel inspiration arousal.

H5b: Destination novelty exerts a positive effect on
travel inspiration arousal.

Ho6b: Destination aesthetic value exerts a positive
effect on inspiration arousal.

The effect of cognitive assimilation and travel
inspiration arousal

Studies have found that impulse purchases are stimu-
lated by the consumer’s internal psychological, emo-
tional, and cognitive states (Ahn et al., 2019). In a TLS
broadcast, consumers are exposed to a range of infor-
mation that can impact their judgment when purchasing
the product that is being featured. Cognitive assimila-
tion relates to their acknowledgment and understanding
of the goods that are being promoted in the TLS
broadcast, enhances their perceived value, and en-
courages consumers to consider those products worthy
of being purchased (Xu et al., 2020). Furthermore,
watching a TLS broadcast can bring consumers into a
state of psychological flow by creating an immersive and
enjoyable environment that may in turn encourage
them to make a purchase (Pham et al., 2023). Studies
suggest, furthermore, that consumers who are in a
pleasant emotional state of flow are more inclined to
exhibit impulsivity or engage in excessive expenditure
(Parboteeah et al., 2009; Pham et al., 2023). The he-
donic attributes of travel products can also trigger
positive emotional responses in consumers, providing a
pleasant atmosphere that can expedite the purchase
decision-making processes (Lv et al., 2022). When the
contents of the TLS broadcast ignite viewers’ travel
inspiration, this increases their willingness to explore
and engage further with the destination, which may in
turn make them more likely to engage in impulsive
buying behavior (Luo et al., 2024). The following hy-
potheses are therefore proposed:

H7: Cognitive assimilation positively influences
impulsive buying.
HS8: Travel inspiration arousal positively influences
impulsive buying.

Research method

Data collection

This study sets out to examine the drivers of impulsive
purchasing behaviors in the TLS context. Chinese
consumers were considered a suitable research target
because of their familiarity with live streaming. Indeed,
live streaming has been growing rapidly as a technique
for selling products and services in many of China’s
consumer markets (Lo et al., 2024). This study adopted
a quantitative methodology to generate reliable, data-
driven insights into the interactions among the pro-
posed factors, including information quality, destina-
tion attractiveness, cognitive and emotional response,
and actual impulsive buying behavior.

In the absence of a suitable sampling frame, a non-
probability sampling technique was employed to collect
cross-sectional data from consumers who had previ-
ously made purchases through a TLS platform. The
data were collected using a structured survey that
consists of 36 items, as detailed in Appendix A. A self-
administered questionnaire was distributed through the
“www.wjx.cn” platform, one of the Chinese largest
survey platforms (Darvishmotevali, 2025), to enhance
the statistical robustness and representativeness of the
sample. The “www.wjx.cn” platform has an established
reputation as a robust and reliable means of data col-
lection, drawing upon a pool of approximately
2.6 million registered users in China. Moreover, the
platform has been widely used by tourism and hospi-
tality studies as a source of primary data
(Darvishmotevali, 2025), including some recent studies
(e.g., Chan et al., 2025; Yang et al., 2025). The plat-
form is widely regarded as being a highly credible and
trustworthy survey platform. Indeed, it has serviced
most of the Chinese higher learning institutions (Lin
et al., 2022, 2025).

The chosen survey platform also allows screening
questions to be set to filter out ineligible respondents.
These features help, to an extent, to compensate for the
statistical limitations of non-probability sampling
(Yuan et al., 2022). Specifically, two screening ques-
tions were imposed to identify the target respondents.
The first question asks if the respondents have any
experience of watching TLS, whereas the second
question asks if the respondents have bought any travel
products when watching TLS. Only those who an-
swered yes to both screening questions were invited to
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the next stage of the survey, while those who answered
no were thanked and dismissed.

The total number of valid responses collected was
459, which surpassed the threshold of minimum sample
size of 135 as calculated by G*Power. The respondents’
demographic traits show that the slight majority (52.5%)
were male. Meanwhile, 40.1% were aged 18-29 years,
while 22.4% were aged 30-39 years, suggesting the
representation of participants diminished steadily with
age. This aligns well with the findings of Lo et al. (2024),
which found that younger consumers have driven the
expansion of the travel e-marketing. Full demographic
information on the sample is available in Appendix A.

Research measurement

The questionnaire was constructed using validated
measurement items from existing studies. Each item was
slightly adapted where necessary to reflect the context of
this study. To ensure the contextual appropriateness of
the adapted items, a pre-test was conducted with a small
number of tourism e-commerce academics and expert
practitioners in the tourism sector (Srisomwongse et al.,
2025). In line with the approach of Tan and Ooi (2018),
face-to-face interviews were used for the debriefing
purposes. In response to the feedback, some technical
terms were eliminated, and several unclear phrases were
modified to improve the readability of the questionnaire.

All items were measured on a five-point Likert scale,
where “1” indicates strong disagreement and “5” indi-
cates strong agreement. In terms of information quality,
four items were used to measure information complete-
ness, all of which were adapted from Nelson et al. (2005)
and Filieri and McLeay (2014). Three items adapted from
Nelson et al. (2005) were used to measure information
accuracy, while information currency was measured using
three items adapted from PopoviC et al. (2012).

Four items were used to destination reputation, five
to measure destination novelty, and five to measure
destination aesthetic value, all adapted from Artigas
et al. (2015), Fang et al. (2023), Zhang and Xu
(2020), and Tsai and Wang (2017).

Four items adapted from Xu et al. (2020) were used
to measure cognitive assimilation, while three from Xu
et al. (2020) and Khoi et al. (2021) were used to
measure travel inspiration arousal.

Finally, three items adapted from Wu et al. (2020)
and Xu et al. (2020) were used to measure impulse
buying. Appendix B summarizes the detailed item
constructs and their sources.

Statistical analysis

The main statistical analysis was conducted using partial
least-squares structural equation modeling (PLS-SEM),

which is widely considered a methodologically sound
approach for examining complex models in exploratory
research settings. In particular, the methodology does not
make any assumptions about the dataset (Hair et al.,
2017), allowing for greater adaptability for small sample
sizes and non-normally distributed data (Lo et al., 2024).
The Kolmogorov-Smirnov test was also used to evaluate
the distribution of the dataset. The one-sample KS test
provided P values generated values of less than 0.05 for
all 36 measurement items, indicating that the data dis-
tribution is non-normal (Hew and Kadir, 2016). This
confirmed that PLS-SEM can be deemed appropriate for
this research.

PLS-SEM is a statistical modeling technique that is
often used in social-science, marketing, and manage-
ment research (Hair et al., 2012). Two steps are in-
volved in implementing a PLS-SEM analysis. The first
assesses the reliability and validity of the outer mea-
surement model. Subject to this being adequate, the
second step analyzes the inner structural model to test
the hypotheses about how the variables interact with
each other, as well as to assess model fit and establish
effects sizes. This study used Smart PLS (Smart PLS
v.4) software to conduct the PLS-SEM analysis.

Research models estimated using PLS-SEM can,
however, exhibit compensatory and non-compensatory
features, along with linear and nonlinear interplays
(Leong et al., 2024). Although PLS-SEM can profi-
ciently forecast linear connections inside complicated
models, the use of this approach alone is inadequate for
identifying the possible non-linear relationships that
interplay with one another. This carries with it the risk
of oversimplifying complicated human decision-making
processes, which would not, indeed, be expected to
adhere to linear relationships. In those cases where non-
linear correlations are found between the antecedent
variables and an independent variable (i.e., CA, TIA, or
IB), the use of artificial neural network (ANN) analysis
can be insightful (Yuan et al., 2022). Therefore, the
present study employed a hybrid PLS-SEM-ANN
approach to better examine the research model.

Common methods bias

When data is collected using a self-reported ques-
tionnaire, there is potential for the validity of the re-
sults to be compromised due to common method bias.
This can be a particular problem when collecting
multiple-variable data is collected using a common
scale from respondents with similar backgrounds.
Harmon’s single-factor analysis was therefore em-
ployed. The results suggest that a single factor can only
account for 38.58% of total variance explained, which
is lower than the threshold of 50%. It can safely be
concluded, therefore, that there are no serious issues
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related to common method bias in this study (Tan
et al., 2017).

Results

Assessment of the outer measurement model

The composite reliability (CR) statistic was employed
to assess the internal consistency of the outer mea-
surement model. Table 1 illustrates that all values of CR
surpassed the recommended threshold of 0.7, indi-
cating sufficient reliability for all measured items uti-
lized in this study. Moreover, the factor loadings of
items and the average variance extracted (AVE) were
assessed to evaluate convergent validity. As Table 1
demonstrates, the factor loadings of all items were
found to be greater than the recommended threshold of

Table 1. Construct reliability and convergent validity.

0.7, while the AVE for each construct exceeded the
critical value of 0.5 (Hair et al., 2019). Convergent
validity was therefore confirmed. Discriminant validity
was also established based on the result of Fornell-
Larcker criterion (Fornell and Larcker, 1981), as the
square root of all AVE values were greater than the
intercorrelations between the constructs (Hair et al.,
2019; Lo et al., 2024) (Tables 1 and 2). In addition,
discriminant validity is confirmed through the cross-
loadings among measurement items in Table 3, which
shows that every measurement item has loaded highest
on its intended construct than other constructs (Hair
et al., 2012). Furthermore, the measurement model
does not exhibit the multicollinearity issue as the var-
iance inflation factor (VIF) values of all constructs
varied from 1.551 to 2.954, which is well below the
conservative threshold of 3.0 (Manley et al., 2024).

Factor ltem Factor loadings Composite reliability (CR) Average variance extracted (AVE)
CA CA1 0.756 0.847 0.581
CA2 0.753
CA3 0.778
CA4 0.760
DAV DAV1 0.710 0.883 0.602
DAV2 0.773
DAV3 0.814
DAV4 0.810
DAVS 0.767
DN DN1 0.757 0.877 0.588
DN2 0.822
DN3 0.767
DN4 0.757
DN5 0.729
DR DR1 0.759 0.857 0.599
DR2 0.780
DR3 0.804
DR4 0.752
A A1 0.814 0.846 0.648
A2 0.808
IA3 0.793
IC IC1 0.784 0.871 0.628
IC2 0.801
IC3 0.814
IC4 0.770
IFC [FC1 0.797 0.845 0.646
IFC2 0.810
IFC3 0.804
TIA TIA1 0.702 0.815 0.595
TIA2 0.797
TIA3 0.810
B IB1 0.811 0.885 0.606
B2 0.812
IB3 0.721
B4 0.780
IB5 0.766
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Table 2. Fornell-Larcker criterion.

CA DAV DN DR IA IB IC IFC TIA
CA 0.762
DAV 0.755 0.776
DN 0.570 0.698 0.767
DR 0.546 0.648 0.755 0.774
1A 0.603 0.614 0.573 0.584 0.805
1B 0.493 0.572 0.584 0.535 0.500 0.779
IC 0.639 0.660 0.587 0.545 0.728 0.485 0.792
IFC 0.582 0.638 0.596 0.560 0.683 0.449 0.733 0.804
TIA 0.596 0.617 0.628 0.574 0.507 0.705 0.545 0.543 0.771

Note. Values arranged on the diagonal represents the square root of AVE.

Table 3. Cross-loadings among measurement items.

CA DAV DN DR 1A IB IC IFC TIA
CA1 0.756 0.556 0.429 0.384 0.407 0.339 0.465 0.411 0.409
CA2 0.753 0.549 0.377 0.411 0.456 0.326 0.505 0.444 0.399
CA3 0.778 0.610 0.449 0.433 0.483 0.425 0.496 0.421 0.478
CA4 0.760 0.583 0.478 0.434 0.489 0.402 0.483 0.496 0.522
DAV1 0.452 0.710 0.634 0.599 0.449 0.488 0.448 0.455 0.479
DAV2 0.595 0.773 0.551 0.499 0.472 0.465 0.521 0.521 0.522
DAV3 0.622 0.814 0.529 0.495 0.485 0.448 0.519 0.487 0.464
DAV4 0.651 0.810 0.541 0.485 0.541 0.441 0.576 0.516 0.496
DAVS5 0.589 0.767 0.469 0.453 0.429 0.384 0.488 0.492 0.434
DN1 0.421 0.506 0.757 0.614 0.399 0.386 0.465 0.436 0.466
DN2 0.497 0.580 0.822 0.638 0.491 0.502 0.498 0.463 0.528
DN3 0.409 0.494 0.767 0.521 0.449 0.452 0.431 0.503 0.470
DN4 0.414 0.549 0.757 0.581 0.473 0.479 0.442 0.446 0.472
DN5 0.438 0.545 0.729 0.535 0.382 0.416 0.413 0.440 0.469
DR1 0.436 0.504 0.555 0.759 0.389 0.306 0.419 0.400 0.421
DR2 0.411 0.488 0.589 0.780 0.455 0.445 0.392 0.446 0.439
DR3 0.457 0.508 0.600 0.804 0.482 0.446 0.454 0.460 0.477
DR4 0.385 0.506 0.592 0.752 0.483 0.458 0.421 0.426 0.438
IA1 0.527 0.539 0.499 0.516 0.814 0.419 0.616 0.558 0.440
1A2 0.491 0.519 0.458 0.479 0.808 0.410 0.599 0.545 0.404
IA3 0.431 0.413 0.421 0.406 0.793 0.375 0.537 0.547 0.376
IB1 0.458 0.519 0.536 0.495 0.422 0.811 0.439 0.415 0.601
1B2 0.352 0.396 0.438 0.39%4 0.366 0.812 0.322 0.310 0.564
IB3 0.300 0.393 0.406 0.418 0.383 0.721 0.369 0.300 0.472
B4 0.381 0.434 0.436 0.358 0.379 0.780 0.361 0.311 0.555
IB5 0.412 0.475 0.446 0.414 0.397 0.766 0.393 0.404 0.544
IC1 0.500 0.527 0.486 0.429 0.547 0.380 0.784 0.580 0.461
IC2 0.518 0.530 0.418 0.385 0.543 0.351 0.801 0.545 0.436
IC3 0.509 0.530 0.517 0.468 0.614 0.397 0.814 0.621 0.419
IC4 0.499 0.506 0.441 0.449 0.607 0.409 0.770 0.580 0.408
IFC1 0.450 0.530 0.473 0.447 0.550 0.385 0.609 0.797 0.436
IFC2 0.474 0.493 0.475 0.453 0.556 0.350 0.582 0.810 0.420
IFC3 0.478 0.515 0.488 0.450 0.542 0.349 0.578 0.804 0.453
TIA1 0.604 0.547 0.467 0.420 0.455 0.414 0.488 0.466 0.702
TIA2 0.361 0.412 0.500 0.447 0.372 0.599 0.381 0.390 0.797

TIA3 0.435 0.481 0.488 0.460 0.358 0.606 0.402 0.409 0.810
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Measurement of the inner structural model

The measurement of the inner structural model in-
volved the analysis of path coefficients using the bias-
corrected and accelerated (BCa) bootstrapping tech-
nique with 5000 subsamples. The results are presented
in Table 4 and Figure 2. Eight hypothesized relation-
ships are supported. Among them, information com-
pleteness (IC) (B = 0.166, p < 0.01), information
accuracy (IA) (B = 0.126, p < 0.05), and destination
aesthetic value (DAV) (B = 0.550, p < 0.001) dem-
onstrated a significant and positive effect on the cog-
nitive assimilation (CA), as did the effect of destination
reputation (DR) (B = 0.115, p < 0.05), destination
novelty (DN) (B = 0.259, p < 0.001), and DAV (B =
0.225, p < 0.001) on travel inspiration arousal (TIA).
Furthermore, both CA ( = 0.112, p < 0.05) and TTIA
(B=0.639, p<0.001) indicated the favorable impact on
TLS impulsive buying (IB). Six proposed hypothesis
relationships were not, however, supported. These in-
cluded the insignificant effects of information currency
dFC) (B =0.017, p > 0.05), DR ( = 0.028, p > 0.05),
and DN (B = —0.014, p > 0.05) on CA. Moreover, the
analysis found no significant effects of IC (§ = 0.098, p >
0.05),IA (B =0.015, p > 0.05), and IFC (§ = 0.099, p >
0.05) on TIA.

The coefficient of determination (R?), predictive
relevance (Q?) and model goodness-of-fit were used to
assess the adequacy of the inner structural model. As all
the values of R? are near to 0.50, this indicates the
explanatory power of the model to be moderate (Hair
et al., 2019). Q? reflects whether the model has the
predictive ability with respect to the endogenous vari-
ables. Q? values are all greater than 0. According to Hair

Table 4. Hypothesis testing results.

et al. (2017), this implies that the model has sufficient
predictive relevance. Moreover, the value of the stan-
dardized root mean square (SRMR) can be used to
assess whether the model establishes a good fit with the
data. In the case of this study, the SRMR value for the
saturated model and the estimated model were
0.058 and 0.063 respectively, both being lower less than
the recommended threshold of 0.08, thus indicating a
good model fit (Hu and Bentler, 1998) (see Table 4 and
Figure 2).

Artificial neural network analysis

Three ANN models were developed for IB (Figure 3),
TIA (Figure 4), and CA (Figure 5) respectively. To
allow a deep learning to take place within the ANN
models, two hidden layers for all ANN models were
specified (Lee et al., 2020). Moreover, a sigmoid non-
linear activation function was chosen for the hidden and
output layers and automatic computation of hidden
neurons was engaged (Hew et al., 2023). To avoid the
overfitting problem, a 10-fold cross-validation method
was used to compute the root mean squared error
(RMSE) of the ANN models, which represents its
predictive accuracy (Hew et al., 2017). Such analysis
found that all RMSE values exhibited acceptable pre-
diction accuracy as they fell between 0.089 and 0.108
(Wong et al., 2022).

Moreover, the relative importance of all input neu-
rons was evaluated using sensitivity analysis. The results
derived from the three different ANN models found
that the variable TIA (100%) has the most normalized
relative importance in explaining IB than CA (30%) in

T statistics p values

Original sample  Sample mean  Standard deviation (1o/ (Two-
Hypotheses Paths (0) (M] (STDEV) STDEVI) tailed) Support
H1a IC -> CA 0.166 0.166 0.061 2.737 0.006 Yes
H1b IC->TIA 0.098 0.099 0.060 1.630 0.103 No
H2a IA -> CA 0.126 0.126 0.051 2.463 0.014 Yes
H2b A -> TIA 0.015 0.013 0.058 0.251 0.802 No
H3a IFC ->CA 0.017 0.019 0.054 0.309 0.758 No
H3b IFC->TIA 0.099 0.100 0.062 1.579 0.114 No
Héa DR ->CA 0.028 0.028 0.057 0.493 0.622 No
H4b DR->TIA 0.115 0.115 0.057 2.037 0.042 Yes
Hb5a DN -> CA -0.014 —0.013 0.057 0.252 0.801 No
H5b DN ->TIA 0.259 0.259 0.060 4.298 0.000 Yes
Héa DAV->CA  0.550 0.547 0.056 9.766 0.000 Yes
Héb DAV->TIA  0.225 0.224 0.054 4.192 0.000 Yes
H7 CA ->IB 0.112 0.115 0.048 2.346 0.019 Yes
H8 TIA ->IB 0.639 0.638 0.044 14.678 0.000 Yes
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Figure 2. Structural model test.

Model 1. The results in Model 2 indicated that DAV
(100%) had the greater normalized relative importance
in explaining TIA, followed by DN (75%) and DR
(47%). The results for Model 3 demonstrated that DAV
(100%) had a greater normalized relative importance to
predict CA than IC (21%) and IA (15%).

A comparison of the ranking of predicting power in
both the PLS-SEM analysis (based on path coeffi-
cients) and the ANN analysis (based on normalized
relative importance) was also conducted. The results
showed that the ranking was inconsistent. The ranking
of DAV, DN, and DR in Model 2 using ANN is first,
second, and third, respectively, whereas their corre-
sponding rankings in PLS-SEM were second, first,
and third. This inconsistent ranking may indicate
the existence of non-linear relationships between TIA
and its antecedents, which are not completely ex-
plained by the PLS-SEM study (Hew et al., 2019).
This illustrates the importance of using ANN analysis
to complement a PLS-SEM study, as a single use of

PLS-SEM would doubtless have missed this impor-
tant additional insight.

Discussion

This research has explored the impact of the informa-
tion quality and destination attractiveness on cognitive
assimilation and travel inspiration arousal, and the ef-
fect of these variables on impulsive buying in the context
of TLS marketing. Using PLS-SEM-ANN analysis, the
study has examined the proposed relationship between
the hypothesized variables, measured their predictive
relevance, and examined how such factors influence the
consumers’ impulsive purchasing behavior. The find-
ings highlight the dual effect of cognition processing
and emotional response in TLS, and underscore the key
role that destination aesthetic value, information ac-
curacy, cognition processing, and emotional resonance
play in promoting consumers’ decision-making.
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Synaptic Weight = 0
= Synaptic Weight < 0

Hidden layer activation function: Sigmoid

Output layer activation function: Sigmoid

Figure 3. ANN model 1.

Synaptic Weight = 0
= Synaptic Weight < 0

=
=

Hidden layer activation function: Sigmoid

Cutput layer activation function: Sigmoid

Figure 4. ANN model 2.
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Synaptic Weight = 0
e Synaptic Weight < 0

Hidden layer activation function: Sigmoid

Cutput layer activation function: Sigmoid

Figure 5. ANN model 3.

Specifically, the study has established three crucial
findings, which will now be explained.

Firstly, information completeness and information
accuracy were found to have a significant impact over
cognition assimilation. These findings suggest that it is
more likely for consumers to become attracted by the
comprehensiveness of the information to help deepen
their understanding of the travel products and desti-
nations they see on TLS shows, and that they will likely
make a quicker and more impulsive decision as a result.
Moreover, the accurate tourism destination informa-
tion provided by TLS videos help consumers gain more
understanding of the goods that are being promoted in
the TLS. These results and findings supplement the
findings of Wang et al. (2025), Xu et al. (2020) and Gao
et al. (2021), underscoring the role of information
quality in cognitive assimilation in live streaming
commerce. Information currency, however, was not
found to have a significant role in influencing cognitive
and emotional response in the TLS context. This im-
plies that consumers prioritize the completeness and
accuracy of the content over its currency when they
watch TLS shows. As Wang et al. (2011) argued, de-
pending on the time value of information, information
currency is not important in the decision-making
process of consumers in every scenario. In this case,
given that information on tourism destination is

unlikely to change within a short time and will not lose
its value easily as time passes, it can be argued that TLS
viewers are unlikely to value information currency in
developing their cognitive and emotional responses.
This finding is similar to that of Wang et al. (2023), who
found that the timeliness of online tourism information
has no significant impact over cognitive and emotional
resonance of tourists.

Secondly, the attractiveness of a destination — as
represented by destination reputation, novelty, and
aesthetic value — was found to have a significant in-
fluence over travel inspiration arousal in the TLS
context. Only aesthetic value, however, had a significant
effect on cognition assimilation, highlighting the pivotal
role of aesthetic value in driving both cognition as-
similation and travel inspiration arousal. These findings
are consistent with another study on the use of travel
short-form videos (Fang et al., 2023) that highlighted
the importance of destination reputation, novelty, and
aesthetic value in driving travel inspiration arousal.
Specifically, it is believed that the pivotal aesthetic value
increases viewers’ cognitive and emotional engagement,
confirming previous findings by Gulertekin Genc and
Temizkan (2023) and suggesting that consumers are
most likely to be impressed by aesthetically appealing
destination scenes or travel products, which can trigger
emotional resonance or further cognitive responses.
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Moreover, in the TLS context, destination reputation
and novelty do not significantly influence cognitive
assimilation, implying that consumers evaluate the
destination highly based on the destination aesthetic
value and tend to prioritize visual presentation rather
than the reputation-based evaluations offered in con-
ventional tourism e-commerce. This suggests that the
power of aesthetic value, which could previously only be
portrayed in the forms of photo and video, is now
challenging the conventional power of paper-based
marketing strategies to influence consumer decision
making (Seo et al., 2025; Zhu et al., 2024).

Lastly, cognitive assimilation and travel inspiration
arousal can both have a positive effect on impulsive
buying behavior, suggesting that consumers who
quickly process and assimilate information are more
likely to make impulse buying decisions in TLS (Lv
et al., 2022). Furthermore, travel inspiration arousal
may have a greater effect on impulsive purchase be-
havior than cognitive assimilation, indicating that
emotional engagement plays a dominant role in moti-
vating impulsive action in the TLS context. This sup-
ports the study by Zhang et al. (2022), highlighting that
immersive experience and emotional resonance sig-
nificantly promote the consumers’ impulsive purchas-
ing in livestreamed shopping. Similarly, Liu et al.
(2024) noted that cognitive processes contribute to
shaping positive attitudes (e.g., trust) toward streamers,
thereby increasing consumers’ impulsive buying in
highly interactive environments (Li et al., 2024).

Conclusions

Theoretical and practical implications

This study broadens the theoretical framework for
tourism consumer behavior by showcasing the impact
of information quality and destination attractiveness on
consumers’ impulsive buying behavior, which is influ-
enced both by cognitive and affective processes. This
greatly enhances the theoretical understanding of
tourism e-commerce consumers’ behavior, particularly
in the context of live streaming. For example, while
Liang et al. (2024) discussed impulsive travel intention,
their study failed to examine the role of information
quality, cognitive response, and affective arousal in the
psychological dynamics of consumer decision making
and their subsequent actual behavior. The theoretical
framework presented in the current study expands the
existing literature on TLS and enhances the under-
standing of impulsive travel consumer behavior.

The results of this study broadly align with those of
past research, demonstrating that information quality
and destination attractiveness are the primary elements
affecting customer decision-making behaviors in a

livestreamed shopping environment (Fang et al., 2023;
Xu et al., 2020). The research presented here goes
further to show that information completeness elicits
higher cognitive reactions than information accuracy
and currency in TLS, on top of suggesting that infor-
mation quality does not significantly impact the affec-
tive processes among consumers in TLS. These
findings not only contribute to knowledge of the sig-
nificance of information quality dimensions in con-
sumer cognitive mechanism, but further indicate that
the information quality dimensions, as opposed to the
main stream of literature (Koivumaki et al., 2008; Shi
et al.,, 2023), do not necessarily matter in shaping
consumer affective mechanism.

Moreover, the research presented in this paper re-
defines the role of destination attractiveness, demon-
strating that the destination reputation, novelty, and
aesthetic value significantly influence consumers’
emotional reactions. It is also noteworthy to see des-
tination aesthetic value to exert a much stronger and
significant impact on consumers’ cognitive reactions as
compared to the dimensions of information quality.
This outcome indicates that, when exposed to the TLS
environment, consumers are more focused on the real-
time interaction with the streamer and the visual pre-
sentation of the destination, as opposed to the typical
information quality. In this vein, the reputation, nov-
elty, and aesthetic value of a destination are found to be
key elements in capturing consumer attention and
evoking emotions (Gulertekin Genc and Temizkan,
2023), offering fresh perspectives into the application
of destination attractiveness concept within the field
of TLS.

This study also expands the research scope of TLS by
introducing the notions of cognitive assimilation and
travel inspiration arousal. While these notions have
been explored by Xu et al. (2020) in the context of
general live streaming commerce, their effects are still
unknown in the TLS environment because travel
products and services are rather unique due to their
intangibility (Kuo, 2024). The findings have success-
fully underscored the importance of cognitive assimi-
lation and travel inspiration arousal in inducing
consumers’ purchase impulsiveness in the TLS setting.
Travel inspiration arousal significantly influences im-
pulsive purchases more than cognitive assimilation.
This emotional response serves as a crucial psycho-
logical mechanism that propels consumers’ impulsive
decision-making in livestreamed context (Liang et al.,
2024). Consequently, it can be argued that by creating
‘physical being there’ scenarios and inspiring emotional
resonance, TLS might significantly encourage con-
sumers to engage in impulsive purchasing. This
research finding theoretically contributes to existing
studies on the live streaming phenomenon by
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elucidating the motivations of consumers in TLS from
an emotional perspective.

This research also provides significant insights for
practitioners from various perspectives. By optimizing
TLS content strategy, practitioners can enhance con-
sumer participation. Firstly, the production of live
content should prioritize on the improvement of in-
formation quality, particularly in terms of its accuracy
and completeness. Streamers should provide compre-
hensive and reliable information regarding the desti-
nation throughout their explanations to more efficiently
facilitate customers’ understanding of the destination
and its attractions. Specifically, hosts could consider
cooperating with local tour guides to feature them in the
TLS, as local tour guides can be expected to have a
greater level of knowledge about a tourism destination
that allows them to interpret the destination’s attrac-
tions and culture in a complete and accurate manner
(Ap and Wong, 2001). Moreover, it might be a good
idea for streamers to interview some of the local resi-
dents, asking them to share more information about the
tourism destination. These strategies shall aid con-
sumers in the cognitive assimilation of information,
thereby facilitating their decision to purchase (Xu et al.,
2020).

Secondly, TLS producers should emphasize the
destination’s reputation, novelty, and aesthetic value.
Practitioners should highlight the uniqueness and
beauty of destinations through high-definition pictures
or videos, highlighting the aesthetic value of tourist
attractions or the discovery of lesser-known local cul-
tural features and landscapes, thereby sparking viewers’
interest and curiosity and encouraging them to explore
further. Other than engaging local tour guides and
residents to discover the potential uniqueness and
beauty of tourism destinations, TLS hosts should ex-
plore the possibilities of featuring rural tourism, which
exhibits unique cultural heritage and natural beauty
(Pahari, 2024), in their broadcasts. Such inspirational
stimulation has the potential to significantly increase
customers’ likelihood of purchasing travel products and
visiting the destination (Fang et al., 2023).

Thirdly, practitioners should enhance their strategies
for emotional advertising. Given the significant impact
of emotional arousal on impulse buying, TLS platforms
should strive to stimulate consumers’ travel desires by
establishing an emotional connection with viewers
during the live streaming session, which can increase
consumers’ spontaneous affective resonance that in
turn encourages impulsive buying (Li et al., 2024). This
includes live “Q&A” session with the audience, per-
haps, through the bullet screen and live comments (Gao
et al., 2021). Furthermore, TLS platforms could im-
plement a real-time voice communication function
between the streamers and viewers: a crucial function

that is currently missing from most TLS platforms.
Given that a streamer-consumer interaction is crucial in
driving live streaming sales (Fan et al., 2024), it would
be good to further enhance their interactions, preferably
in a real-time manner. Furthermore, TLS platforms
could employ Al and VR technology to improve the live
watching experience. For example, platforms could
leverage personalized recommendation algorithms to
present consumers with the destinations that best match
their interests or augmented aesthetic displays of des-
tinations by VR technologies to further create an at-
mosphere that enhances consumer immersion and
inspiration arousal. According to Samaddar and
Mondal (2024), VR technologies afford consumers to
surround themselves with immersive 360-degree ex-
periences of a tourism destinations, hence sparking their
travel inspirations eventually. With these, practitioners
shall be able to impel consumers to buy travel products
impulsively. With a built-in “cooling-off” period in
most TLS platforms, consumers who regret their im-
pulse purchase can easily cancel it.

Limitations and future research

No study is without its limitations. The data used in the
present study represented a cross-sectional non-
probability sample from a single group of Chinese
TLS consumers. This makes it hard to generalize from
the results of this study. Future studies are therefore
required to validate the research framework introduced
in this study by administering surveys and collecting
longitudinal data from a variety of cultural back-
grounds. Furthermore, cognitive-emotional systems are
known to be highly complex, while this study only as-
sociates cognitive assimilation and travel inspiration
arousal with impulsive purchases. Future studies could
explore additional cognitive and emotional variables to
gain a deeper understanding of the psychological pro-
cesses underlying consumers’ impulsive purchases.
Furthermore, the study has not considered other var-
iables that might potentially moderate the relationships
evident in the model, such as consumers’ demographic
profiles or individual travel preferences. Future
research could incorporate these elements to investigate
their moderating effect on the consumers’ impulsive
consumption behaviors. Finally, it would be interesting
for future research to explore the interaction between
host characteristics (Pu et al., 2025) and cognitive-
emotional mechanisms, which would offer more the-
oretical contributions towards the existing body of
knowledge.

ORCID iD

Erose Sthapit @ https://orcid.org/0000-0002-1650-3900


https://orcid.org/0000-0002-1650-3900
https://orcid.org/0000-0002-1650-3900

Yuxuan et al.

15

Funding

The authors received no financial support for the research,
authorship, and/or publication of this article.

Declaration of conflicting interests

The authors declared no potential conflicts of interest with
respect to the research, authorship, and/or publication of this
article.

References

Ahn J, Lee SL and Kwon J (2019) Impulsive buying in
hospitality and tourism journals. Annals of Tourism
Research 82: 102764.

Albaity M and Melhem SB (2017) Novelty seeking, image,
and loyalty—the mediating role of satisfaction and
moderating role of length of stay: international tourists’
perspective. Tourism Management Perspectives 23: 30-37.

Ap ] and Wong KKF (2001) Case study on tour guiding:
professionalism, issues and problems. Tourism Manage-
ment 22(5): 551-563.

Artigas EM, Vilches-Montero S and Yrigoyen CC (2015)
Antecedents of tourism destination reputation: the me-
diating role of familiarity. Fournal of Retailing and Con-
sumer Services 26: 147-152.

Cai J, Wohn DY, Mittal A, et al. (2018) Ultilitarian and he-
donic motivations for live streaming shopping. Proceed-
ings of the 2018 ACM International Conference on Interactive
Experiences for TV and Online Video 18: 81-88.

Chan J, Chan ICC, Lam LW, et al. (2025) Riding on un-
certainty: leveraging human agents and service robots
during service delivery. International Fournal of Hospitality
Management 125: 104000.

Chang HH, Lu Y-Y and Lin SC (2019) An elaboration
likelihood model of consumer respond action to Face-
book second-hand marketplace: impulsiveness as a
moderator. Information & Management 57(2): 103171.

Chen Y, Tao L, Zheng S, et al. (2025) What drives viewers’
engagement in travel live streaming: a mixed-methods
study from perceived value perspective. International
Fournal of Contemporary Hospitality Management 37(2):
418-443.

Cheng T-M and Lu C-C (2013) Destination image, novelty,
hedonics, perceived value, and revisiting behavioral in-
tention for island tourism. Asia Pacific Fournal of Tourism
Research 18(7): 766-783.

Choi W and Lee Y (2019) Effects of fashion vlogger attributes
on product attitude and content sharing. Fashion and
Textiles 6(1): 1-18.

Dai F, Wang D and Kirillova K (2022) Travel inspiration in
tourist decision making. Tourism Management 90:
104484.

Darvishmotevali M (2025) A comparative study of job inse-
curity: who suffers more? International Fournal of Con-
temporary Hospitality Management 37(5): 1603—-1621.

Das A, Kondasani RKR, Deb R, et al. (2024) Leveraging user-
generated content (UGC) in pre-travel behavior: a PLS-
SEM and necessary conditions analysis (INCA) approach.
Tourism and Hospitality Research 14673584241292254.
doi: 10.1177/14673584241292254.

Deng Z, Benckendorff P and Wang J (2021) Travel live
streaming: an affordance perspective. Information Tech-
nology & Tourism 23: 189-207.

Dewantara MH, Jin X and Gardiner S (2023) What makes a
travel vlog attractive? Parasocial interactions between
travel vloggers and viewers. Fournal of Vacation Marketing
31(1): 113-129.

Ding R, Chen X, Wei S, et al. (2025) What drives trust
building in live streaming E-commerce? From an elab-
oration likelihood model perspective. Industrial Man-
agement & Data Systems 125(3): 969-999.

Fan X, Zhang L, Guo X, et al. (2024) The impact of live-
streaming interactivity on live-streaming sales mode
based on game-theoretic analysis. Journal of Retailing and
Consumer Services 81: 103981.

Fang X, Xie C, Yu ], et al. (2023) How do short-form travel
videos trigger travel inspiration? Identifying and vali-
dating the driving factors. Tourism Management Perspec-
tives 47: 101128.

Filieri R and McLeay F (2014) E-WOM and accommodation:
an analysis of the factors that influence travelers’ adoption
of information from online reviews. Fournal of Travel
Research 53(1): 44-57.

Fornell C and Larcker DF (1981) Evaluating structural
equation models with unobservable variables and mea-
surement error. Journal of Marketing Research 18(1):
39-50.

Gao ], Zhang C, Wang K, et al. (2012) Understanding online
purchase decision making: the effects of unconscious
thought, information quality, and information quantity.
Decision Support Systems 53(4): 772-781.

Gao X, Xu X-Y, Tayyab SMU, et al. (2021) How the live
streaming commerce viewers process the persuasive
message: an ELLM perspective and the moderating effect
of mindfulness. Electronic Commerce Research and Appli-
cations 49: 101087.

Gonzalez-Rodriguez MR, Diaz-Fernandez MC, Bilgihan A,
et al. (2022) The impact of eWOM source credibility on
destination visit intention and online involvement: a case
of Chinese tourists. Journal of Hospitality and Tourism
Technology 13(5): 855-874.

Gulertekin Genc S and Temizkan SP (2023) Destination
aesthetics: an empirical study of aesthetic judgment and
aesthetic distance among tourists in Turkey. European
Fournal of Tourism Research 33: 3308.

Guo L, DuY and Meng S (2024) Feeling grounded: exploring
the sense of groundedness in cultural tourism driven by
live streaming technology. Fournal of Hospitality &
Tourism Research 10963480241295984. doi: 10.1177/
10963480241295984.


https://doi.org/10.1177/14673584241292254
https://doi.org/10.1177/10963480241295984
https://doi.org/10.1177/10963480241295984

16

Tourism and Hospitality Research 0(0)

Gutierriz I, Ferreira JJ and Fernandes PO (2023) Digital
transformation and the new combinations in tourism: a
systematic literature review. Tourism and Hospitality
Research 25: 194-213.

Hair JF, Sarstedt M, Ringle CM, et al. (2012) An assessment
of the use of partial least squares structural equation
modeling in marketing research. Journal of the Academy of
Marketing Science 40(3): 414-433.

Hair JF, Hult GTM, Ringle CM, et al. (2017) Mirror, mirror
on the wall: a comparative evaluation of composite-based
structural equation modeling methods. Fournal of the
Academy of Marketing Science 45(5): 616-632.

Hair JF, Risher JJ, Sarstedt M, et al. (2019) When to use and
how to report the results of PLS-SEM. European Business
Review 31(1): 2-24.

Hao Y, Hasna MF and Abdul Aziz F (2025) Destination
landscape aesthetic attributes impact on tourists’ satis-
faction and loyalty. Tourism Review. doi: 10.1108/TR-08-
2024-0750.

Hew T-S and Kadir SLSA (2016) Predicting the acceptance
of cloud-based virtual learning environment: the roles of
self determination and channel expansion theory. Tele-
matics and Informatics 33(4): 990-1013.

Hew ]J, Badaruddin MNBA and Moorthy MK (2017)
Crafting a smartphone repurchase decision making
process: do brand attachment and gender matter? Tele-
matics and Informatics 34(4): 34-56.

Hew]JJ, Leong LY, Tan GWH, et al. (2019) The age of mobile
social commerce: an artificial neural network analysis on
its resistances. Technological Forecasting and Social Change
144: 311-324.

Hew JJ, Lee VH and Leong LY (2023) Why do mobile
consumers resist mobile commerce applications? A hy-
brid fSQCA-ANN analysis. Journal of Retailing and
Consumer Services 75: 103526.

Hu L and Bentler PM (1998) Fit indices in covariance structure
modeling: sensitivity to underparameterized model mis-
specification. Psychological Methods 3(4): 424-453.

Ibrahim MA, Shariffuddin NSM, Wan Mohd Zain WMA,
et al. (2023) Exploring the nexus of food destination
reputation, perceived value of local food consumption,
and food destination attractiveness in Melaka, Malaysia.
Planming Malaysia 21(6): 227-241.

Kanchanatanee K (2024) Factors affecting customers’ pur-
chase intention on live streaming commerce: a systematic
literature review. Advances in Business Strategy and
Comperitive Advantage 33-52. doi: 10.4018/979-8-3693-
8850-1.ch002.

Khoi NH, Le AN and Tran MD (2021) Tourist inspiration and
its consequences: the moderating role of neuroticism.
International Fournal of Tourism Research 23(5): 901-913.

Kim S-E, Lee KY, Shin SI, et al. (2017) Effects of tourism
information quality in social media on destination image
formation: the case of Sina Weibo. Information &
Management 54(6): 687-702.

Kirillova K, Fu X, Lehto X, et al. (2014) What makes a
destination beautiful? Dimensions of tourist aesthetic
judgment. Tourism Management 42: 282-293.

Koivumaki T, Ristola A and Kesti M (2008) The effects of
information quality of mobile information services on
user satisfaction and service acceptance-empirical evi-
dence from Finland. Behaviour & Information Technology
27(5): 375-385.

Kuo NT (2024) Effects of travel website quality and perceived
value on travel intention with eWOM in social media and
website reviews as moderators. Journal of Quality Assur-
ance in Hospitality & Tourism 25(3): 596-627.

Lee VH, Hew J], Leong LY, et al. (2020) Wearable payment: a
deep learning-based dual-stage SEM-ANN analysis.
Expert Systems with Applications 157: 1-15.

Leong L-Y, Hew T-S, Ooi K-B, et al. (2024) An SEM-ANN
approach: guidelines in information systems research.
FJournal of Computer Information Systems 1-32. doi: 10.
1080/08874417.2024.2329128.

LiF, MaJ and Tong Y (2022) Livestreaming in tourism: what
drives tourism live streamers to share their travel expe-
riences? Tourism Review 79(3): 780-795.

Li X, Huang D, Dong G, et al. (2024) Why consumers have
impulsive purchase behavior in live streaming: the role of
the streamer. BMC Psychology 12(1): 129.

Liang X, Huo Y and Luo P (2024) What drives impulsive
travel intention in tourism live streaming? A chain me-
diation model based on SOR framework. Fournal of Travel
& Tourism Marketing 41(2): 169-185.

Lin F, Evans RD, Kharel R, et al. (2022) Competitor intel-
ligence and product innovation: the role of open-
mindedness and interfunctional coordination. IEEE
Transactions on Engineering Management 69(2): 314—-328.

Lin F, Eng T-Y, Ojiako U, et al. (2025) Product innova-
tiveness under market uncertainty: the mediating impact
of market orientation and absorptive capacity. Production
Planning & ControlReview. doi: 10.1080/09537287.2025.
2524772.

Liu X, Zeng Y, Li Z, et al. (2022a) Understanding consumers’
motivations to view travel live streaming: scale develop-
ment and validation. Tourism Management Perspectives 44:
101027.

Liu X, Zhang L and Chen Q (2022b) The effects of tourism
e-commerce live streaming features on consumer pur-
chase intention: the mediating roles of flow experience
and trust. Frontiers in Psychology 13: 995129.

Liu Q, Xu L, Feng W, et al. (2023) Is tourism live streaming a
double-edged sword? The paradoxical impact of online
flow experience on travel intentions. Fournal of Travel &
Tourism Marketing 40(8): 744-763.

Liu C, Zhao Q, Gursoy D, et al. (2024) Livestreamed tourism
shopping: consumers’ attitudes and behaviors. Tourism
Review. doi: 10.1108/tr-01-2024-0040.

Lo P-S, Garry W-HT, Cheng-Xi Aw E, et al. (2024) Shared
moments, lasting impressions: experience co-creation via


https://doi.org/10.1108/TR-08-2024-0750
https://doi.org/10.1108/TR-08-2024-0750
https://doi.org/10.4018/979-8-3693-8850-1.ch002
https://doi.org/10.4018/979-8-3693-8850-1.ch002
https://doi.org/10.1080/08874417.2024.2329128
https://doi.org/10.1080/08874417.2024.2329128
https://doi.org/10.1080/09537287.2025.2524772
https://doi.org/10.1080/09537287.2025.2524772
https://doi.org/10.1108/tr-01-2024-0040

Yuxuan et al.

17

travel livestreaming. Fournal of Hospitality and Tourism
Management 58: 456-466.

Luo J, Okumus F and Taheri B (2022) Destination image
perception of Shenzhen: an analysis of discourse based on
Chinese and Western visitors’ online reviews. Journal of
Hospitality and Tourism Technology 13(4): 667—-682.

Luo X, Cheah J-H, Lim X-J, et al. (2024) Inducing shoppers’
impulsive buying tendency in live-streaming: integrating
signaling theory with social exchange theory. Inzernet
Research 35: 318-348.

Lv X, Zhang R, Su Y, et al. (2022) Exploring how live
streaming affects immediate buying behavior and con-
tinuous watching intention: a multigroup analysis.
Fournal of Travel & Tourism Marketing 39(1): 109—-135.

Ma E, Hsiao A and Gao J (2018) Destination attractiveness
and travel intention: the case of Chinese and Indian
students in Queensland, Australia. Asia Pacific Fournal of
Tourism Research 23(2): 200-215.

Manley SC, Williams RI and Hair JF (2024) Enhancing
TQM’s effect on small business performance: a PLS-
SEM exploratory study of TQM applied with a com-
prehensive strategic approach. TOM Fournal 36(5):
1252-1272.

Moradi E, Ehsani M, Saffari M, et al. (2023) How can
destination competitiveness play an essential role in small
island sports tourism development? Integrated ISM-
MICMAC modelling of key factors. Fournal of Hospitality
and Tourism Insights 6(3): 1222-1252.

Nasiri H, Kirillova K and Wassler P (2024) Beyond beauty:
ugly and borderline tourism aesthetic experiences. Annals
of Tourism Research 105: 103703.

Nelson RR, Todd PA and Wixom BH (2005) Antecedents of
information and system quality: an empirical examina-
tion within the context of data warehousing. Fournal of
Management Information Systems 21(4): 199-235.

Ng M, Law M, Lam L, et al. (2023) A study of the factors
influencing the viewers’ satisfaction and cognitive as-
similation with livestreaming commerce broadcast in
Hong Kong. Electronic Commerce Research 23(3):
1565-1590.

Nguyen PM, Pham XL and Truong GNT (2023) The in-
fluence of source credibility and inspiration on tourists’
travel planning through travel vlogs. Fournal of Travel
Research 64(1): 222-2317.

Pahari S (2024) Rural tourism in India and pro-tourism be-
havior. Tourism Review. doi: 10.1108/TR-09-2023-0647.

Parboteeah DV, Valacich JS and Wells JD (2009) The influence
of website characteristics. on a consumer’s urge to buy
impulsively. Information Systems Research 20(1): 60-78.

Pham AD, Pham NH, Nguyén NM, et al. (2023) How do live-
stream channels shape impulse buying behaviour? Em-
pirical research on Vietnamese youth. Asia Pacific Busi-
ness Review 1-26. doi: 10.1080/13602381.2023.2265320.

Popovi¢c A, Hackney R, Coelho PS, et al. (2012) Towards
business intelligence systems success: effects of maturity

and culture on analytical decision making. Decision
Support Systems 54(1): 729-739.

Pu B, Zhou Q, Phau I, et al. (2025) Examining the influence of
streamer source characteristics on viewers’ continuous
viewing intentions in tourism live-streaming: a SEM and
fsSQCA approach. Asia Pacific Journal of Tourism Research
30(4): 437-452.

Saini H, Kumar P and Kalia P (2024) Beyond travel! what’s
TRENDing in sustainable tourism? An investigation
through the lens of travel influencers. Tourism and Hos-
pitality Research 14673584241295561. doi: 10.1177/
14673584241295561.

Samaddar K and Mondal S (2024) AR and VR-based travel: a
responsible practice towards sustainable tourism. Inzer-
national Fournal of Tourism Ciries 10(1): 105-128.

Seo IT, Liu H, Li H, et al. (2025) Al-infused video marketing:
exploring the influence of Al-generated tourism videos
on tourist decision-making. Tourism Management 110:
105182.

Shao Y and Huang S (2025) Live streaming in hospitality and
tourism: a hybrid systematic review and way forward.
International Journal of Contemporary Hospitality Man-
agement 37(6): 1924-1943.

Shi H, Cai S and Luo X (2023) Online free product sampling:
the reciprocity and diagnosticity effects. Fournal of Elec-
tronic Commerce Research 24(3): 194-214.

Shi H, Wang Y, Gong X, et al. (2024) Which type of infor-
mation’s quality in live streaming commerce captures
consumers’ attention the most? Considering the mod-
erating role of network size. Asia Pacific Fournal of
Markering and Logistics. doi: 10.1108/apjml-04-2024-
0528.

Srisomwongse R, Roongruangsee R and Patterson P (2025)
Capabilities influencing export intensity of Thai SMEs
during COVID-19: a capability-based perspective. Asia
Pacific Business Review 31: 527-559.

Su C-S and Lu P-H (2018) A study of the factors influ-
encing customers’ impulse buying. behavior in res-
taurants. Advances in Hospitality and Tourism Research
6(1): 47-67.

Tan GW-H and Ooi K-B (2018) Gender and age: do they
really moderate mobile tourism shopping behavior?
Telematics and Informatics 35(6): 1617-1642.

Tan GWH, Lee VH, Lin B, et al. (2017) Mobile applications
in tourism: the future of the tourism industry? Industrial
Management & Data Systems 117(3): 560-581.

Tsai CTS and Wang YC (2017) Experiential value in
branding food tourism. Journal of Destination Marketing
& Management 6(1): 56—65.

Wang S, Zheng X and Mao JY (2011) How perceived
quality of online reviews affects consumer purchase
intention. International Fournal of Society Systems Sci-
ence 3(3): 236.

Wang X, Wang X and Lai IKW (2023) The effects of online
tourism information quality on conative destination


https://doi.org/10.1108/TR-09-2023-0647
https://doi.org/10.1080/13602381.2023.2265320
https://doi.org/10.1177/14673584241295561
https://doi.org/10.1177/14673584241295561
https://doi.org/10.1108/apjml-04-2024-0528
https://doi.org/10.1108/apjml-04-2024-0528

18

Tourism and Hospitality Research 0(0)

image: the mediating role of resonance. Frontiers in
Psychology 14: 1140519.

Wang Y, Miao H, Xiong M, et al. (2025) How does
ChatGPT-generated information influence travel plan-
ning? The mediating role of inspiration. Tourism Review.
doi: 10.1108/TR-03-2025-0235.

Wong L-W, Tan GW-H, Ooi K-B, et al. (2022) Artificial
intelligence-driven risk management for enhancing
supply chain agility: a deep-learning-based dual-stage
PLS-SEM-ANN analysis. International Fournal of Pro-
duction Research 62(15): 1-21.

Wu I-L, Chiu M-L and Chen K-W (2020) Defining the
determinants of online impulse buying through a shop-
ping process of integrating perceived risk, expectation-
confirmation model, and flow theory issues. International
Fournal of Information Management 52: 102099.

Xie C, Fang X, Yu ], et al. (2024) How can aesthetic value and
travel inspiration lead to audience’s intention to share short-
form travel videos? A fuzzy-set qualitative comparative
analysis study. Current Issues in Tourism 27(21): 3495-3513.

Xu X, Wu JH and Li Q (2020) What drives consumer
shopping behavior in live streaming commerce? Journal of
Electronic Commerce Research 21(3): 144-167.

Yan M, Kwok APK, Chan AHS, et al. (2022) An empirical
investigation of the impact of influencer live-streaming
ads in e-commerce platforms on consumers’ buying
impulse. Internet Research 33(4): 1633-1663.

Yang Y, Gao J and Qi J (2024) Moderating effect of con-
sumers’ opinion leader acceptance: exploring the rela-
tionship between livestreaming shopping and online
shopping safety satisfaction. Electronic Commerce Research.
doi: 10.1007/s10660-024-09809-6.

Yang Y, Li C and Qu Z (2025) An Al-driven approach to
sustainability: the effect of Al accent on tourists’ pro-
environmental behavioral intentions. Journal of Hospi-
taliry and Tourism Management 63: 478-487.

Yuan Y-P, Dwivedi YK, Tan GW-H, et al. (2022) Govern-
ment digital transformation: understanding the role of
government social media.
Quarterly 40(1): 101775.

Zhang Q and Xu H (2020) Understanding aesthetic experi-
ences in nature-based tourism: the important role of

Government  Information

tourists’ literary associations. Fournal of Destination
Marketing & Management 16: 100429.

Zhang Y, Li J, Liu CH, et al. (2020) The effect of novelty on
travel intention: the mediating effect of brand equity and
travel motivation. Management Decision 59(6): 1271-1290.

Zhang W, Wang Y and Zhang T (2021) Can “live streaming”
really drive visitors to the destination? From the aspect of
“social presence”. Sage Open 11(1): 215824402110066.

Zhang X, Cheng X and Huang X (2022) “Oh, my god, buy
it!” investigating impulse buying behavior in live

streaming commerce. International Fournal of Human-
Computer Interaction 39(12): 1-14.

Zhu C, Fong LHN, Li X, et al. (2024) Short video marketing
in tourism: telepresence, celebrity attachment, and travel
intention. International Journal of Tourism Research 26(1):
€2599.

Author biographies

Li Yuxuan holds a Ph.D. in Business and Management
from UCSI University Malaysia. Her current research
interests lie in the areas of Consumer Behavior, Live
Streaming, and Tourism.

Erose Sthapit is a Senior Lecturer at the department
of marketing, international business, tourism, Man-
chester Metropolitan University. His research interests
include memorable tourism experience, interactive
value formation and sharing economy. He has pub-
lished in high-ranking journals including Journal of
Travel Research.

Brian Garrod is Professor of Marketing in the School
of Management at Swansea University. His research
interests cover sustainable tourism, neurodiversity in
tourism, destination marketing and management, and
the use of photographic methods in tourism research.
He has been consultant to the UN World Tourism
Organization and the Organisation for Economic Co-
operation and Development (OECD). His work has
been funded by grants from the AHRC, the EU
Structural Fund, the Welsh Government, The Coun-
tryside Commission, and Tourism Partnership Mid
Wales, among others.

Garry Wei-Han Tan is a Senior Professor at the UCSI
Graduate Business School, UCSI University. He has been
acknowledged as one of the world’s most productive
authors in Social Commerce and Mobile Commerce
between 2017 and 2025. His current research interests
include Mobile Commerce, Consumer Behavior, and
Virtual Commerce. To date, he has published over 160
refereed papers, with 62 percent of them ranked A*or A
according to the Australian Business Deans Council
(ABDC) Journal Quality List. Prof. Tan’s work has been
cited over 20,000 times, with a current h-index of 63. He
is currently the Brand Ambassador for Emerald Pub-
lishing East Asia and serves as the Associate Editor for
Industrial Management & Data Systems and the Inter-
national Journal of Bank Marketing. Finally, Prof. Tan is
recognized among the World’s Top 2% Scientists, ac-
cording to a report published by Stanford University in
2024, and is ranked 790th globally in Business and
Management by Research.com (2025).


https://doi.org/10.1108/TR-03-2025-0235
https://doi.org/10.1007/s10660-024-09809-6

Yuxuan et al.

19

Appendix

Appendix A.
Demographic information.

Demographic profiles Frequency Percentage (%)
Gender Male 219 47.71
Female 240 52.29
Age <18 34 7.41
18-29 188 40.96
30-39 108 23.53
40-50 84 18.30
50-60 27 5.88
>60 18 3.92
Education High school or below 66 14.38
College 215 46.84
Graduate school or above 178 38.78
Income per month N 2000 126 27.45
2001-5000 98 21.35
5001-9000 AN 24.18
9,001-15,000 70 15.25
>15,000 54 11.76
Occupation Student 138 30.07
Employed 189 41.18
Self-employed 102 22.22
Others 30 6.54
Time on watching travel live streaming per month <10 mins 121 26.36
10-30 mins 139 30.28
31-60 mins 86 18.74
1-2 hours 79 17.21
>2 hours 34 7.41
Appendix B.
Measurement items.
Construct ltems Measurement Sources
Information IC1 Travel live streaming provides me with a complete set of information Nelson et al.
completeness regarding the destination. (2005)
IC2  Travel live streaming provides me with the comprehensive information  Filieri and
regarding the destination. MclLeay (2014)
IC3  Travel live streaming provides me with all the information regarding the
destination | need in detail.
IC4  The depth and breadth of information regarding the destination from travel
live streaming are thorough enough.
Information accuracy |A1 Travel live streaming produces correct information regarding the Nelson et al.
destination. (2005)
A2 Theinformation regarding the destination provided by travel live streaming Popovic et al.
is accurate. (2012)
IA3  Theinformation regarding the destination from travel live streaming is free

of distortion, bias, or error.

(continued]
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Appendix B. (continued)

Construct

Information currency IFC1

Destination
reputation

Destination novelty

Destination aesthetic

value

Cognitive
assimilation

Travel inspiration
arousal

Impulsive buying

ltems Measurement Sources
Travel live streaming provides me with the most recent information Nelson et al.
regarding the destination. (2005)

IFC2
IFC3
DR1
DR2
DR3
DR4
DN1
DN2
DN3
DN4
DN5
DAV1
DAV2
DAV3
DAV4
DAV5
CA1
CA2

CA3

CA4L

TIA1

TIA2
TIA3

IB1

B2

IB3

B4

IB5

Travel live streaming produces the most current information regarding the
destination.

The information regarding the destination from travel live streaming is
always up to date.

This destination is very famous. Artigas et al.
(2015)
This destination has a very good reputation. Fang et al. (2023)

People speak very well of this destination.
This destination has a better reputation than other similar places.

The scenery of the destination is novel. Zhang and Xu
(2020])
The scenery of the destination is unique. Fang et al. (2023)

The scenery of the destination is rare.
The scenery of the destination is different from others.
The scenery of the destination is diverse.

The destination in travel live streaming is beautiful. Tsai and Wang
(2017)
The destination in travel live streaming is aesthetically appealing. Fang et al. (2023)

The destination in travel live streaming is attractive.

The live streaming video presentation of the destination is impressive.

The visual aesthetic design of the destination in live streaming is wonderful.

While watching the live streaming, my existing understanding of the travel Xu et al. (2020)
destination is likely to be influenced by the information presented in
travel live streaming.

While watching the live streaming, my current knowledge of the travel
destination is likely to be influenced by the presenter in the travel video.

While watching the travel live streaming, my perceived value of the travel
destination can be transformed by environmental cues in the travel
video.

While watching the travel live streaming, my preference for the travel
destination can be changed by the interactivity involved.

| Feel enthusiastic and inspired to travel while watching travel live Xu et al. (2020)
streaming.
| Feel exhilarated to participate in the travel live streaming. Khoi et al. (2021)
| Feel an urge to initiate a desire to travel while watching travel live
streaming.

When watching the travel live streaming, | buy travel products that | had not Xu et al. (2020)
intended to purchase.

When watching the travel live streaming, | often buy travel products Wu et al. (2020)
spontaneously.

When watching the travel live streaming, | often buy travel products without
thinking.

When watching the travel live streaming, | often buy travel products
according to how | feel at that time

When watching the travel live streaming, | feel like purchasing the travel
products more than | need.
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