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ABSTRACT

Despite growing academic interest in hyper-personalization in fashion retail, consumer adaptive behavior remains an under-
researched construct. This research addresses the gap by applying self-determination and social comparison theories to ex-
amine how consumer motivations and willingness to co-create influence adaptive behavior and re-patronage intentions in
hyper-personalized fashion retail. Data from 403 online fast fashion consumers in Zimbabwe were analyzed using partial least
squares structural equation modeling. Results indicate that consumer motivations and willingness to co-create significantly
impact adaptive behavior and re-patronage intentions. Additionally, social comparison and privacy concerns moderate these
relationships, except for utilitarian motivations. These results extend current understanding of hyper-personalized fashion re-
tail by introducing adaptive behavior as a key outcome and identifying psychological and contextual variables that influence it.
Marketers operating in emerging markets can apply these insights to design personalization strategies.

1 | Introduction Unlike traditional personalization, which is reactive, hyper-

personalization enables real-time, predictive engagement that

Digitalization is revolutionizing the retail landscape by rede-
fining transaction channels, expanding product and service of-
ferings, and enhancing consumer experiences. Central to this
transformation is hyper-personalization, an advanced form of
personalization that integrates artificial intelligence, big data,
and machine learning to deliver tailored consumer experi-
ences (Hidnninen et al. 2021; He et al. 2025; Kumar et al. 2021;
Mehmood et al. 2024). Subramanyan (2014) defines hyper-
personalization as the use of big data to deliver highly special-
ized products, services, and information to targeted consumers.

not only anticipates but also influences consumer behavior
(Mehmood et al. 2023).

As consumer expectations around personalization continue to
rise, businesses are adopting data-driven models to improve
consumer engagement and build stronger brand relationships.
Research indicates that 71% of consumers expect personal-
ized interactions, and 91% prefer brands that provide them
(Accenture 2018; Arora et al. 2021; Harvard Business Review
Analytic Services 2018). In response, 80% of managers now
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prioritize hyper-personalization as a strategic imperative,
demonstrating its role in achieving competitive advantage. This
data-intensive approach requires consumers to continuously
adjust their decisions and preferences, a process referred to in
this study as consumer adaptive behavior, in which individuals
respond to hyper-personalized experiences by modifying their
choices. Adaptive behavior is influenced by personalization
systems such as recommendation algorithms and tailored mar-
keting strategies, which have been shown to enhance consumer
engagement and support co-creation (Cloarec 2020; Payne
et al. 2021).

These evolving patterns of adaptive behavior reflect consum-
ers’ responses to hyper-personalized systems and intersect
with co-creation practices, where consumers contribute to
the development of personalized products and services. Co-
creation enhances hyper-personalization by integrating con-
sumer preferences directly into the value creation process
(Lusch et al. 2010; Vargo and Lusch 2008) and is associated
with increased adoption intention, satisfaction, and purchase
behaviors (Fernandes and Remelhe 2016). Advances in arti-
ficial intelligence and big data have accelerated the real-time
integration of consumer input (Buhalis and Sinarta 2019).
For example, Sephora's Color Match uses augmented reality
to recommend personalized foundation shades, while Stitch
Fix employs artificial intelligence-driven styling to deliver cu-
rated outfits. These technologies demonstrate how intelligent
systems support co-creation, enhance personalization, and
improve consumer engagement (Pham et al. 2023). However,
despite these benefits, hyper-personalization raises privacy
concerns (PCs) that may reduce consumers' willingness to co-
create (McKee et al. 2024).

In the context of hyper-personalized online fashion retail, co-
creation is a critical mechanism for understanding how adaptive
behaviors develop and influence re-patronage intentions (RIs)
(Loureiro et al. 2024; Tran et al. 2023). RI—the likelihood that
a consumer will revisit, purchase from, or recommend a retailer
(Jones et al. 2006)—is influenced by emotional attachment,
satisfaction, and the perceived quality of personalized experi-
ences (Atulkar and Kesari 2017; Rossiter and Donovan 1982).
However, existing research often treats co-creation, personal-
ization, and motivation as discrete constructs rather than exam-
ining their interconnected effects on consumer decision-making
(Anshu et al. 2022; Smink et al. 2020). Consequently, limited at-
tention has been given to how these constructs and adaptive be-
havior influence re-patronage, particularly in emerging market
contexts (Mehmood et al. 2023). This gap is particularly evident
in non-Western contexts, where digital retail operates in unique
socio-cultural influences and technological infrastructures.
Addressing this, the present study focuses on Zimbabwe to ex-
amine how consumer motivations and willingness to co-create
influence adaptive behavior and RIs in hyper-personalized
fashion retail. In doing so, it responds to calls for more diverse
empirical perspectives (Alkire and Hammedi 2021; Mehmood
et al. 2023) and contributes to a more holistic theoretical under-
standing of personalization.

Drawing on self-determination theory and social comparison
(SC) theory, this study seeks to answer: (1) What is the relationship

between consumer motivations, willingness to co-create, and
adaptive behavior in hyper-personalized fashion retail? (2) How
does adaptive behavior influence RI in these contexts? (3) In what
ways do SC and PCs moderate the effect of consumer motivations
and willingness to co-create on adaptive behavior?

This study contributes to theory and practice in three key
ways. First, it advances hyper-personalization literature by ex-
amining how consumer motivations, willingness to co-create,
PCs, and SC influence adaptive behavior and RIs, from an
emerging African market perspective. Second, it extends self-
determination, SC, and socialization theories by illustrating
how hedonic, social, and utilitarian motivations (UMSs) drive
adaptive behavior in hyper-personalized retail. Third, it offers
practical insights for retail managers, highlighting the strategic
importance of personalization technologies, social validation
strategies, and transparent data practices in building trust and
long-term consumer engagement.

The remainder of this paper is structured as follows: Section 2
reviews the literature on hyper-personalization, co-creation,
consumer motivations, and RIs. Section 3 outlines the research
methodology. Section 4 presents the empirical findings, fol-
lowed by a discussion of the theoretical and managerial impli-
cations in Section 5. The paper concludes with suggestions for
future research.

2 | Literature Review
2.1 | Hyper-Personalization

Although the terms customization (CUS) and personal-
ization are often used interchangeably, they represent dis-
tinct concepts (see Table 1) (Miceli et al. 2007; Sunikka and
Bragge 2012). CUS refers to consumer-driven modifications of
products to suit individual preferences—for example, select-
ing design features for a sneaker (Pallant et al. 2020). In con-
trast, personalization involves co-creation in the production
process, such as adding initials to a Louis Vuitton handbag,
or incorporating hand-painted letters or stripes to create a
unique esthetic (Borstrock 2018). Hyper-personalization pro-
gresses these concepts by blending CUS and personalization,
using technologies like artificial intelligence, machine learn-
ing, and data analytics to deliver highly tailored consumer ex-
periences (Subramanyan 2014).

Businesses can optimize hyper-personalization strategies
through product classification based on cost and unique sell-
ing propositions (Behera et al. 2020). Hyper-personalization
improves consumer engagement, satisfaction, and overall ex-
perience through real-time behavioral insights, contributing
to higher purchase intentions and loyalty (Behera et al. 2023;
Jain et al. 2021; Kang and Namkung 2019; Tran et al. 2020).
To achieve these results, organizations invest heavily in con-
sumer data to analyze behavior, improve conversion rates, and
enhance retention (Jain et al. 2021). Despite extensive research
on hyper-personalization in Western markets, its impact on
emerging African markets remains underexamined (Alkire and
Hammedi 2021).
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TABLE1 | Customization, personalization, and hyper-personalization.

Aspect Customisation Personalization Hyper-personalization
Definition Consumers manually select/ Tailoring based on a Uses real-time data, artificial intelligence,
modify specific product consumers' past behavior and analytics to create highly individualized
features or services or preferences experiences based on diverse data points
Data used Active consumer choice; Historical data; Real-time behavior, location, social
limited attributes static updates media activity, biometrics
Technology Product configurators, Basic analytics, customer Artificial intelligence, big data, machine
user interfaces, dynamic relationship management learning, predictive analytics
pricing algorithms
Customer Interactive and hands-on Somewhat personalized Highly individualized,
experience experience but with a dynamic, and seamless
broader approach
Involvement High, user driven Moderate, based Low, automated, real-time adaptation
on past actions
Example A retailer allows consumers Retail websites suggest A mobile app sends notifications offering

to select colors, patterns,
and materials using
an online design tool.
Nike allows customers

products based on previous

purchase history. Example:
Fashion retailer Zalando
utilizes machine learning

discounts on products of interest as
consumers pass by a store. Fashion retailer
Stitch Fix uses surveys to determine
consumers' style preferences, body type,

to design their sneakers
(product customisation)

to suggest completed outfits
based on previous purchases
(service personalization)

and measurements. From the data collected,
stylists pick five products to send to the
customer (service hyper-personalization)

Source: Authors' own creation.

2.2 | Consumer Adaptive Behavior

Technological advancements have led to significant physical and
psychological changes in consumer behavior, prompting indi-
viduals to adapt in response to digital innovations (Burke 2002).
In the digital marketplace, brands are expected to meet evolving
consumer demands as individuals use their preferences and com-
petencies to interact with personalized offerings (Chen 2024).
Consumer adaptive behavior (CADB) refers to the modification
of actions during brand interactions to align with situational de-
mands or preferences (Chen et al. 2020). It plays a central role in
hyper-personalization, where consumers adjust their responses
based on personalized experiences. For example, platforms like
Grocery Shopii enable users to customize meals by selecting reci-
pes that match their tastes.

In hyper-personalized retail, adaptive behavior is influenced by
both personal and external factors. External influences include
economic conditions, cultural and social values, technological
advancements, and corporate policies (Chen et al. 2020; Jain
et al. 2021; Romdan and Tacobucci 2010). Personal factors involve
shopping habits, product preferences, and responsiveness to
contextual cues (Jain et al. 2021; Im et al. 2003). These adapta-
tions manifest cognitively (e.g., adjusting decision-making pro-
cesses), emotionally (e.g., feelings of satisfaction or frustration
during interactions), or behaviorally (e.g., modifying purchases
or engagement with digital interfaces). We examine three spe-
cific forms of adaptive behavior in hyper-personalized retail:
purchase behavior (influenced by personalized recommenda-
tions), engagement behavior (interaction with personalized
information), and loyalty behavior (repeat purchases or contin-
ued brand affiliation). Previous research suggests that adaptive

behavior contributes to co-creation, as consumers modify their
interactions in response to personalization, thus enhancing
satisfaction and retention (Szocs et al. 2023; Weitz et al. 1986).
Understanding these behaviors helps retail managers to improve
personalization strategies and increase consumer engagement.

2.3 | Re-Patronage Intentions

RI, a widely examined behavioral outcome in retail research
(Bilgihan et al. 2016), refers to the likelihood of consum-
ers returning to a retailer to make repeat purchases (Jones
et al. 2006). It is driven by emotional attachment and influ-
enced by satisfaction, positive experiences, and pleasant re-
tail environments (Atulkar and Kesari 2017; Rossiter and
Donovan 1982). In addition to these affective drivers, tradi-
tional factors such as price sensitivity, market relevance, de-
mographics (Pan and Zinkhan 2006), and personalization
also play a key role. However, in hyper-personalized retail
environments, re-patronage decisions are influenced by indi-
vidual preferences, personal motives (Sebald and Jacob 2018),
social pressures, and PCs (Aguirre et al. 2016). Recent re-
search shows that technological advancements, especially in
artificial intelligence and big data, further enhance hyper-
personalization and increase re-purchase behavior (Agarwal
et al. 2022; Alabed et al. 2022).

2.4 | Consumer Motivations

Motivation, which includes both conscious and unconscious con-
sumer actions, is a key driver of purchasing behavior (Eysenck
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et al. 1985; Nwankwo et al. 2014). Understanding consumer mo-
tivations is particularly important in hyper-personalized fashion
retail environments, as they influence consumer experiences
and decision-making (Loureiro et al. 2024; Zarantonello and
Schmitt 2010). Grounded in SC theory, this study examines how
different types of motivation influence adaptive behavior, each
providing a different perspective on the factors that explain con-
sumer behavior. To enhance understanding of how these mo-
tivations influence consumer behavior, each type is examined
individually in the context of hyper-personalized fashion retail.

2.4.1 | Social Motivation

Research shows that social motivation (SM) plays a critical role
in consumer behavior, particularly in hyper-personalized retail,
where social networks influence engagement with personalized
offerings (Sebald and Jacob 2018). Drawing on consumer social-
ization theory (Ward 1974), we define SM as the extent to which
consumers seek advice and validation from social connections,
such as family and friends, in their purchasing decisions (Shin
and Lee 2021). Social agents are acknowledged in previous
studies as critical in influencing consumption-related attitudes
(Cram and Ng 1999; Mishra and Maity 2021), though their in-
fluence varies across contexts. The rise of digital communities
and influencer marketing has also reconfigured traditional con-
sumer socialization by blurring the lines between organic peer
influence and strategic brand interventions. We argue that un-
derstanding this evolving dynamic allows retailers to develop
strategies that resonate with both individual consumers and
broader social ecosystems.

2.4.2 | Hedonic Motivation

Consumers are also motivated by elements such as pleasure
and sensory gratification. Vieira et al. (2018) describe this mo-
tivation as hedonic shopping as it caters to the pleasure senses
of consumers. It influences purchase intentions, satisfaction,
and loyalty (Atulkar and Kesari 2017; Davis et al. 2014). In
hyper-personalized fashion retail, consumers seek immersive
and interactive experiences that enhance enjoyment (Kim and
Hall 2019). However, hedonic motivation (HM) manifests dif-
ferently across physical and digital retail environments. In-store
shoppers engage with tactile and sensory stimuli, valuing ex-
ploration and immediate gratification. In contrast, online con-
sumers prioritize exploration, status-seeking, and the thrill of
discovery (Arnold and Reynolds 2003; Atulkar and Kesari 2017;
To et al. 2007).

2.4.3 | Utilitarian Motivation

Efficiency, functionality, and practicality lie at the core of UMs,
which are evident in digital retail environments (Parker and
Wang 2016). These elements reflect task-oriented behavior, as
consumers seek convenience, time-saving solutions, and seam-
less decision-making processes (Chang et al. 2023; Childers
et al. 2001; Liu et al. 2020). In hyper-personalization environ-
ments, brands use data-driven insights to enhance efficiency

and reduce cognitive load by providing tailored product rec-
ommendations that match consumer preferences (Kumar and
Kashyap 2018; Liu et al. 2020), thus encouraging adaptive
behavior.

While UM is typically linked to rational decision-making,
research suggests it can co-exist with HMs (Tyrvidinen
et al. 2020). This demonstrates the complexity of consumer de-
cision processes. For example, an online shopper may seek both
efficiency and enjoyment, requiring retailers to design hyper-
personalization experiences that cater to both needs. However,
over-optimizing for convenience may remove elements of discov-
ery and engagement which could potentially reduce consumers'
emotional investment in the brand. Thus, balancing utilitarian
and hedonic elements is critical to ensuring hyper-personalized
retail remains both practical and enjoyable.

2.5 | Willingness to Co-Create

Willingness to co-create is a critical determinant of consumer
engagement in hyper-personalized retail, influencing both ex-
periences and brand relationships (Ferm and Thaichon 2021;
Hussain et al. 2021; Vermehren et al. 2023). Despite its growing
significance, co-creation through digital clienteling remains in
its early stages, with many aspects such as the role of big data,
consumer involvement, and motivations still not fully under-
stood (Jain et al. 2021). Additionally, there is a lack of under-
standing regarding consumers’ willingness to co-create from
the emerging African market contexts where adaptive behav-
iors vary.

Consumer participation is driven by the perception that the ben-
efits to co-create outweigh the associated costs that may include
time, effort, and PCs (Eletxigerra et al. 2023; My-Quyen and
Hau 2021; Tajvidi et al. 2020). While co-creation enhances sat-
isfaction and loyalty, its impact is not universally positive. Some
consumers view it as empowering, while others perceive it as in-
trusive, especially when concerns related to over-personalization
and data security emerge (Mehmood et al. 2024). Given its in-
fluence on future consumer behavior, it is critical for retailers
to design co-creation processes that are transparent, intuitive,
and rewarding to sustain engagement and ensure effectiveness
(Hussain et al. 2021; Kohler et al. 2011). To examine the factors
influencing willingness to co-create, we focus on three key asso-
ciative constructs: CUS, information sharing (IS), and consumer
effort (CE). These elements are central to understanding con-
sumers’ engagement in hyper-personalized retail environments.

2.5.1 | Customization

In the digital economy, CUS has become a key strategy for ad-
dressing increasingly diverse consumer needs (Xu et al. 2023).
Conceptualized by Davis (1989), it allows consumers to tailor
products or services to their preferences, thus offering greater
control and perceived relevance (Valenzuela et al. 2009). Unlike
passive personalization, which depends on algorithm-driven
recommendations, CUS requires direct consumer involve-
ment, leading to increased engagement and stronger brand
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relationships (Mehmood et al. 2023). Consequently, major brands
are integrating digital tools to support CUS. For example, Nike
allows customers to design their own trainers, Lancome offers
personalized foundation shades, and Amazon is testing tailored
clothing solutions (Cowan and Ketron 2019; Huang et al. 2020).
These initiatives aim to improve consumer satisfaction and pro-
mote loyalty by matching offerings with individual preferences
(Stevens and Jouny-Rivier 2020; Yoo and Park 2016).

2.5.2 | Information Sharing

Effective hyper-personalization depends on IS to support data-
driven decision-making and collaboration (Pham et al. 2023).
By enabling businesses to collect and analyze consumer data,
IS facilitates the creation of tailored offerings, making it a fun-
damental component of both personalization and co-creation
(Alimamy and Gnoth 2022; Franke et al. 2009). Consumers in-
creasingly demonstrate the willingness to share personal data
in exchange for tailored offerings that meet their preferences
(Roeber et al. 2015). The data-driven insights allow businesses
to redesign products, communication strategies, and user inter-
actions, resulting in greater engagement and relevance (Pallant
et al. 2020). However, when data is collected without consum-
ers' knowledge, it can lead to PCs, perceived intrusiveness, and
reduced satisfaction (Aguirre et al. 2016; Kubicka 2016; Taylor
et al. 2009). Conversely, transparent and voluntary data-sharing
promotes trust and enhances satisfaction by giving consumers a
sense of control (Franke et al. 2009; Taylor et al. 2009). Therefore,
ethical and transparent data practices are critical to using IS as
a driver for effective co-creation in hyper-personalized retail
environments.

2.5.3 | Consumer Effort

Digitalization has modified the way fashion brands interact with
consumers, thus creating both challenges and opportunities
(Silva and Bonetti 2021). Consumers increasingly rely on tech-
nology to refine their product searches, investing time and effort
to explore detailed information about design, colors, and product
features (Flavidn et al. 2019; Hult et al. 2019; Kim et al. 2018).
They also demonstrate a willingness to engage in personalized
online shopping experiences (Duarte et al. 2018). Personalization
features improve information accessibility and enrich the shop-
ping experience by catering to individual preferences (Mosteller
et al. 2014; Hult et al. 2019). This consumer-centric focus em-
phasizes the importance of hyper-personalization in delivering
tailored, immersive shopping experiences that meet specific
consumer needs (Morton et al. 2024).

2.6 | Social Comparisons

The theory of SC, introduced by Festinger (1954), posits that indi-
viduals evaluate their abilities, opinions, and attributes by com-
paring themselves to others. These comparisons involve peers,
family members, celebrities, or media figures. Research shows
that they play a critical role in influencing brand preferences,
self-esteem, and everyday judgments (Boissicat et al. 2022; Pillai

and Nair 2021). In hyper-personalized retail environments,
where recommendations are frequently informed by the behav-
ior of others, SC tends to influence motivations that are related
to uniqueness, social appeal, and perceived quality. These mo-
tivations subsequently drive social, hedonic, and utilitarian be-
havior (Hu et al. 2019; Islam et al. 2018; Kim 2006).

SCs also affect self-concept and social identity, particularly
through brand choices that serve as signals of social class (Buunk
and Gibbons 2007; Lee et al. 2024). Depending on perceived
group dynamics, consumers may either assimilate (perceived
similarities) or contrast (perceived differences) (Bazi et al. 2020;
Pillai and Nair 2021). In hyper-personalized contexts, expo-
sure to others' choices can trigger competition or conformity,
both of which significantly influence purchase decisions (Chen
et al. 2024; Das et al. 2022; Lee et al. 2024). Consumers may
personalize their shopping experiences to express distinctive-
ness (Chandra et al. 2022) or conform to social norms within
their circles (Lanzing 2019). This intersection also influences
co-creation behaviors, as consumers personalize product offer-
ings to balance personal desires with the expectations of their
social reference groups (Chandra et al. 2022; Chen et al. 2024;
Lanzing 2019).

Understanding SC in hyper-personalization is important for de-
signing shopping experiences that satisfy both individual and
collective social needs. However, its role remains underexam-
ined in emerging African markets. Given its link to consumer
motivations (Zheng et al. 2018), examining the moderating ef-
fect of SC on the relationship between motivation and adaptive
behavior in hyper-personalized fashion retail is particularly rel-
evant in these contexts (Chen et al. 2024; Jain et al. 2021).

2.7 | Privacy Concerns

The use of technological advancements to create seamless and
efficient purchasing experiences has become essential rather
than optional in modern retail. Businesses are increasingly
using consumer data to personalize online navigation and en-
hance the shopping journey. However, this reliance raises con-
cerns about data misuse and consumer privacy. Privacy refers to
the extent to which consumers value the protection of personal
information shared during transactions with retailers (Cheah
et al. 2022). This concern is influenced by factors such as per-
sonality traits and past experiences (Weinberger et al. 2017). For
example, consumers who have experienced data misuse tend to
be more cautious about information disclosure, especially in on-
line purchasing contexts (Graeff and Harmon 2002). Conversely,
those with lower PCs may be more willing to exchange personal
data for enhanced personalization.

The trade-off between privacy and personalization, often re-
ferred to as the “personalization paradox” highlights the
consumer dilemma of balancing security with convenience
(Cloarec 2020; Thomaz et al. 2020). Technology plays a critical
role in this trade-off, as many consumers consent to data collec-
tion via digital platforms without fully understanding the terms
of that consent (Bornschein et al. 2020). Regardless of individ-
ual privacy attitudes, consumer intentions are influenced by the
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perceived value of the benefits received in exchange for their
personal data (Cheah et al. 2022).

3 | Hypotheses Development

The fashion retail sector is increasingly adopting digital innova-
tions to address challenges of a rapidly evolving and digitizing
world (Nash 2019). As a result, retail managers must respond
to shifting consumer preferences and motivations influenced by
these technological changes (Hdnninen et al. 2021; Nash 2019).
Consumer motivation is widely recognized as a critical driver
of consumer behavior, as it directs individuals toward their
goals (Pepper et al. 2009). According to the self-determination
theory, individuals engage in activities for intrinsic satisfaction
rather than external rewards (Deci and Ryan 1985). Consumer
motivations integrate into one's self concept when they reflect
individual values (Deci and Ryan 1985). This suggests that there
is a positive relationship between consumer motivation and be-
havior (Kim et al. 2022). In hyper-personalized retail, research
suggests that social, hedonic, and UMs drive specific behav-
ioral responses (Tyrviinen et al. 2020; Webb and Mohr 1998).
Building on this understanding, we propose:

H1la. Social motivation is positively associated with consumer
adaptive behavior toward hyper-personalized fashion retailing.

H1b. Hedonic motivation is positively associated with con-
sumer adaptive behavior toward hyper-personalized fashion
retailing.

Hlc. Utilitarian motivation is positively associated with con-
sumer adaptive behavior toward hyper-personalized fashion
retailing.

Literature acknowledges the importance of value co-creation
in strengthening consumer-brand relationships (Wallace
et al. 2022). Consequently, this strengthened relationship has a
positive impact on consumer behavior (France et al. 2020). Co-
creation enables consumers to influence brand value by adding
features that reflect their preferences, thus helping brands stand
out in competitive markets (Prahalad and Ramaswamy 2004).
This process involves sharing information with retailers and
participating in product CUS (Miceli et al. 2007), which evokes
emotional responses and leads to positive specific behavioral
adaptation outcomes (Pham et al. 2023). Recent literature sug-
gests that emotions evoked through CUS experiences influ-
ence consumer decisions, leading to specific behaviors (Pallant
et al. 2022). Therefore, we propose:

H2a. Customization is positively associated with consumer
adaptive behavior toward hyper-personalized fashion retailing.

Consumers share information concerning their preferences with
retailers to obtain personalized offerings. As a result, retailers
utilize this information to customize products and services,
thus enhancing consumer satisfaction and loyalty (Kataria and
Saini 2020; Pallant et al. 2020). Satisfaction plays a critical role in
driving consumer engagement in personalized shopping experi-
ences (Liang et al. 2006). Consequently, this demonstrates that
IS is important for delivering personalized offerings, enabling

co-creation, and influencing specific consumer behaviors (Tran
et al. 2023). Based on this, we propose:

H2b. Information sharing is positively associated with con-
sumer adaptive behavior toward hyper-personalized fashion
retailing.

Though consumers in hyper-personalized contexts invest ef-
fort, time, and energy in seeking solutions that meet their needs
(Valdez Mendia and Flores-Cuautle 2022), research indicates
that personalization initiatives are predominantly driven by
retailers, positioning consumers as passive participants in the
process (Aguirre et al. 2016). However, effective personaliza-
tion relies on integrating information provided by consumers
with retailer insights to deliver tailored offerings at the right
time (Riegger et al. 2022; Tam and Ho 2006). This process en-
hances consumer engagement, encourages repeat interactions,
and influences behavioral adaptations as consumers respond to
personalized experiences that meet their needs. Therefore, we
propose:

H2c. Consumer effort is positively associated with consumer
adaptive behavior toward hyper-personalized fashion retailing.

Although IS is critical for co-creation in online shopping envi-
ronments to enable personalized offerings, it often exposes con-
sumers to privacy risks (Bandara et al. 2020). Given the “privacy
paradox,” adaptive behavior is key to understanding consumer
engagement with hyper-personalized experiences, as it helps in-
dividuals navigate risks while staying true to their motivations.
CADRB is the ability to adjust actions and expectations to suit
personalized shopping environments, especially amid high pri-
vacy risks. Motivations (social, hedonic, and utilitarian) interact
with adaptive responses, affecting the willingness to engage in
co-creation activities. For instance, a consumer motivated by
social factors may adapt their behavior by selectively sharing in-
formation or participating in CUS to balance their preferences
with PCs. Through adaptive behavior, consumers regulate IS,
manage risks, and ensure their actions are consistent with their
personal goals and preferences (Aguirre et al. 2016; Zhang
et al. 2021). As a mediator, adaptive behavior bridges the gap be-
tween motivations or willingness to co-create and RIs. It enables
consumers to balance the perceived rewards of personalization
with manageable privacy risks, thus enhancing engagement and
loyalty. Based on this, we propose:

H3. Consumer adaptive behavior mediates the relationship
between consumer motivation (a) social motivation, (b) hedonic
motivation, and (c) utilitarian motivation and re-patronage in-
tention toward hyper-personalized fashion retailing.

H4. Consumer adaptive behavior mediates the relationship
between consumer willingness to co-create (a) customisation, (b)
information sharing, and (c) consumer effort and re-patronage in-
tention toward hyper-personalized fashion retailing.

RI has attracted growing academic attention due to its link with
consumer switching behavior, that is often driven by unresolved
brand interaction issues (Yi and La 2004). In hyper-personalized
fashion retail, where consumers engage with digitally tailored
experiences, understanding the factors that influence RIs is
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particularly important. CADB plays a critical role in this pro-
cess, as it influences how individuals navigate personalized
interactions, manage PCs, and assess the overall value of their
engagement (Im et al. 2003). Successful and immersive per-
sonalized experiences facilitate positive adaptations that are
critical for repurchase and RIs (Virabhakul and Huang 2018).
Furthermore, research shows that factors such as values, con-
firmation, website quality, satisfaction, and trust also influence
RI (Hsu et al. 2015). Consequently, consumers who adapt tend
to develop behavioral patterns that increase the likelihood of re-
patronage (Miao et al. 2022). Based on this, we propose:

HS5. Consumer adaptive behavior is positively associated with
their re-patronage intention in hyper-personalized fashion retail.

This study examines how SC and PCs moderate consumer mo-
tivations and willingness to co-create in hyper-personalized
fashion retailing. SC has been identified as a critical factor in-
fluencing consumer behavior toward personalized offerings
(Lee et al. 2024). It also influences consumer motivations, in-
cluding social, hedonic, and utilitarian dimensions, in hyper-
personalized fashion retail contexts (Shao and Li 2021). Building
on this understanding, we propose:

K(,‘ousumer motivationm

Social motivation (H1a)

Hedonic motivation (H1b)

Utilitarian motivation (H1c)

2 =/

Hé6a, H6b, H6c e

H6. Social comparison moderates the relationship between
(@) social motivation, (b) hedonic motivation, and (c) utilitar-
ian motivation and consumer adaptive behavior toward hyper-
personalized fashion retail.

H7. Privacy concerns moderate the relationship between (a)
customisation, (b) information sharing, and (c) consumer effort
and consumer adaptive behavior toward hyper-personalized fash-
ion retail.

Based on the above hypotheses, H,-H., the conceptual frame-
work is presented in Figure 1.

4 | Methods
4.1 | Study Context

The study was conducted in Zimbabwe, a country characterized
by diverse cultural influences, a developing technological infra-
structure, persistent inflationary pressures, and ongoing socio-
economic challenges (Woyo 2022). The country is also currently
plagued by a pronounced urban-rural digital divide (Mare 2021;

H3a. H3b, H3c

Social comparision F-

H7a, H7b. H7c

Privacy concerns

Consumer adaptive behavior
toward hyper-personalized
fashion retailing

Consumer re-patronage
intentions toward hyper-
personalize fashion retailing

/Willingness to co- creatm

Customization (H2a)

Information sharing (H2b)

Consumer effort (H2c)

—/

FIGURE1 | Conceptual framework.

H4a, H4b, H4c
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Mateko 2024; Woyo 2022). Despite these constraints, a grow-
ing middle class is increasingly engaging with mobile inter-
net and digital services, particularly through mobile banking
and e-commerce platforms (Gukurume and Mahiya 2020;
Tsarwe and Mare 2021). This trend has been accelerated by
Zimbabwe's transition toward a cashless economy, with mo-
bile money solutions such as EcoCash becoming central to
daily transactions due to ongoing cash shortages (Simatele and
Mbedzi 2021). These developments highlight the growing rele-
vance of hyper-personalization in Zimbabwe as businesses seek
to enhance consumer engagement and purchasing experiences
in an economically volatile environment. In this context, hyper-
personalization represents more than a technological innova-
tion; it is a transformative strategy that suits existing consumer
behaviors and the growing reliance on mobile-based commerce.

Existing literature on hyper-personalization remains predom-
inantly Western-centric, often overlooking how it interacts
with socio-economic constraints, cultural influences, and
digital adoption patterns in emerging economies (Mehmood
et al. 2023, 2024). Based on this, Zimbabwe provides a relevant
and underexamined context. Given the economic uncertainty
and fluctuating disposable incomes, hyper-personalization of-
fers a strategic tool for optimizing pricing, enhancing consumer
retention, and tailoring marketing strategies. Studying this phe-
nomenon in Zimbabwe contributes to a contextualized under-
standing of hyper-personalization in African markets, where
retailers must navigate infrastructural limitations, economic
uncertainty, and culturally embedded consumption behaviors
(Maduku and Thusi 2023; Tsarwe and Mare 2021; Woyo 2022).

4.2 | Sample and Data Collection

Respondents for the study were all based in Zimbabwe and
were selected using a convenience sampling based on their re-
cent online shopping activity, specifically targeting those who
had experienced hyper-personalization while shopping for fast
fashion products in the past year. To ensure eligibility, respon-
dents answered the screening question: “have you ever experi-
enced hyper-personalization while shopping online shopping for
fashion brands?” Additionally, respondents were also provided
with a definition and example of hyper-personalization to en-
sure a clear understanding of the concept. Only respondents
who answered “yes” were invited to complete the survey, while
those who could not recall such experiences were excluded. This
targeted approach included fast fashion online shoppers with
relevant hyper-personalization experience, providing valuable
insights into consumer behavior in this segment.

Data were collected through an online survey distributed via a
Qualtrics link and QR codes shared on WhatsApp and Facebook
groups from December 20th, 2023, to March 15th, 2024. A total
of 403 valid responses were obtained (see Table 2), with a slightly
higher proportion of female respondents (256, 63.5%) and the
majority aged between 36 and 45years (138, 34.2%). Most re-
spondents were holders of postgraduate degrees (236, 58.6%)
and earning between $1501 and $2000 USD (192, 47.6%). The
majority shopped online for fashion products three-four times
annually (206, 51.1%). Results indicate a sample of middle-aged,
highly educated, and experienced online shoppers, providing a

TABLE 2 | Characteristics of participants.

Variable Characteristics Count Percentage
Gender Male 147 36.5
Female 256 63.5
Age 18-25 117 29.0
26-35 72 17.9
36-45 138 34.2
Above 46 76 18.9
Education High school 13 3.2
College diploma 29 7.2
Undergraduate 125 31.0
Postgraduate 236 58.6
Income average Less than 1000 49 12.2
per month 1001-1500 91 22.6
(USD)
1501-2000 192 47.6
Above 2000 71 17.6
Frequency of 1-2 159 39.5
buying fashion 14 206 511
products per
year online 4-5 156 38.7
Above 5 20 5.0
Total sample 403 100

Note: Total sample (n=403).

strong basis for examining the impact of hyper-personalization
in the online fashion market in Zimbabwe.

4.3 | Measurements

To measure the constructs in this study, we used validated
scales adapted from the literature. Consumer motivations
were assessed across three dimensions—social, hedonic, and
utilitarian—using scales from previous studies (see, Bozi¢
et al. 2017; Fakfare et al. 2020; Shen and Croucher 2018).
CADB was also measured using established scales (Ditterline
et al. 2008; Lambert et al. 1993). RIs were evaluated using
scales widely applied in consumer behavior research
(Arnold and Reynolds 2003; Carpenter 2008; To et al. 2007;
Zeithaml 1988). SC was assessed using established mea-
sures of comparative tendencies (Gibbons and Buunk 1999).
Furthermore, CUS and IS were evaluated based on scales
designed to assess consumer engagement in personalization
processes (Handrich and Heidenreich 2013; Pham et al. 2023).
Similarly, CE was measured using validated items that exam-
ine cognitive and behavioral demands of interactive retail ex-
periences (Handrich and Heidenreich 2013). Lastly, PCs were
assessed using scales that capture consumer apprehensions re-
garding data security and trust in digital retail environments
(Dinev and Hart 2004; Sheng et al. 2008). The questionnaire,
administered in English, included these constructs and demo-
graphic questions to capture the sample's characteristics. To
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ensure instrument reliability and content validity, two expert
researchers reviewed the questionnaire for clarity, relevance,
and alignment with the study's objectives.

5 | Data Analysis and Results

We applied the partial least squares structural equation mod-
eling (PLS-SEM) using SmartPLS software to analyze data.
The analysis followed a two-phase approach: the measurement
model assessed the reliability and validity of the constructs,
while the structural model evaluated path coefficients, in-
cluding direct, mediating, and moderating relationships (Hair
et al. 2012; Sarstedt et al. 2021). PLS-SEM is a widely accepted
analytical method due to its suitability for small sample sizes,
parameter estimation, and ability to handle complex mediation
and moderation effects in both reflective and formative models
(Hair et al. 2017; Sarstedt et al. 2016). It has been extensively
used in consumer behavior research to examine relationships
such as consumer perceived value (De Kervenoael et al. 2021),
impulse purchase intentions (Trivedi et al. 2022), and value co-
creation (Banik and Rabbanee 2023).

5.1 | Measurement Model

The measurement model assessment established construct re-
liability using several statistics, including factor loadings (A),
Cronbach's alpha (), composite reliability (CR), and average
variance extracted (AVE) (Hair et al. 2013). This study included
10 constructs that were measured by 35 indicators: SM (n=3),
HM (n=3), UM (n=3), CUS (n=4), IS (n=3), CE (n=5), SC
(n=4), PCs (PC, n=4), CADB (n=3), and RIs (n =3 indicators).
Except for the indicators CADB2, CSC2, CUS4, E3, and IS1, the
factor loadings exceeded the recommended threshold of 0.70
(see Table 3).

The a values were also above the acceptable threshold of 0.70,
ranging from 0.708 to 0.816, suggesting internal consistency. CR
values ranged from 0.608 to 0.871, also meeting the acceptable
threshold of 0.60. AVE values ranged from 0.503 to 0.762, all
exceeding the acceptable threshold of 0.50. Discriminant valid-
ity (Table 3) was established following the Fornell-Lacker cri-
terion (Fornell and Larcker 1981). The AVE for each construct,
indicated by bold diagonal values in Table 4, exceeds the shared
variance with other constructs, confirming discriminant va-
lidity. Additionally, the heterotrait-monotrait ratio is presented
above the diagonal (Henseler et al. 2015), while the square root
of the AVE (in bold) and the correlations between the constructs
are shown below the diagonal in Table 4. There was no issue of
common method bias, as weak correlations were found among
variables when evaluating a single underlying component across
all scale items.

5.2 | Structural Model

For the structural model assessment, the study followed the
guidelines prescribed by Hair et al. (2021). In doing so, we con-
solidated three types of path relationships—direct, mediating, and

TABLE 3 | Factor loadings.

Items A x CR AVE
SM
SM1 0.721 0.761 0.825 0.622
SM2 0.926
SM3 0.855
HM
HM1 0.772 0.775 0.871 0.694
HM2 0.949
HM3 0.765
UM
UM1 0.865 0.768 0.867 0.691
UM2 0.711
UM3 0.976
CUS
CUS1 0.905 0.773 0.812 0.541
CUS2 0.797
CUS3 0.923
IS
IS2 0.739 0.714 0.627 0.514
1S3 0.986
CE
CE1l 0.855 0.708 0.751 0.503
CE2 0.836
CE4 0.721
CES5S 0.741
SC
SC1 0.944 0.734 0.608 0.662
SC3 0.714
SC4 0.718
PC
PC1 0.809 0.816 0.861 0.762
PC2 0.971
PC3 0.954
PC4 0.969
CADB
CADB1 0.911 0.713 0.752 0.578
CADB3 0.946
RI
RI1 0.975 0.716 0.785 0.758
RI2 0.984
RI3 0.977

Abbreviations: A, factor loadings; «, alpha coefficient; AVE, average variance
explained; CR, composite reliability.
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TABLE 4 | Discriminant validity.

Construct 1 2 3 4 5 6 7 8 9 10
SM (1) 0.789

HM (2) 0.728 0.833

UM (3) 0.566 0.818 0.831

CUS (4) 0.344 0.764 0.233 0.736

IS (5) 0.662 0.258 0.675 0.197 0.717

CE (6) 0.679 0.531 0.135 0.634 0.434 0.709

SC(7) 0.397 0.126 0.356 0.379 0.364 0.264 0.814

PC(8) 0.356 0.345 0.436 0.563 0.143 0.365 0.356 0.873

CADB (9) 0.497 0.435 0.685 0.621 0.245 0.179 0.405 0.302 0.760

RI(10) 0.714 0.625 0.435 0.255 0.337 0.531 0.125 0.564 0.714 0.871

Note: The values in bold on the diagonal represent the square root of AVE of the respective construct, and the remaining values represent the correlation among other

constructs.

Abbreviations: CADB, consumer adaptive behavior; CE, consumer effort; CUS, customization; HM, hedonic motivation; IS, information sharing; PC, privacy
concerns; RI, re-patronage intentions; SC, social comparison; SM, social motivation; UM, utilitarian motivation.

moderating (Table 5). A total of 19 relationships were measured,
including seven direct (H,,, H,, H,, H,,, H,,, H, , and H5), six
mediating (H

320 Hapr Hioo Hys Hyp, and Hy ), and six moderating
H

¢a» Hepr Hger Hops Hy o and He ) relationships. The results indi-
cated that three hypotheses were insignificant: H,, (SM — CADB),
H, (CE—CADB—RI), and H, (SC*UM- CADB). Among
the direct relationships, H,, (HM— CADB, $=0.823) and H5
(CADB—RI, =0.820) were the most significant. Other signifi-
cant direct relationships include H, (UM — CADB, §=0.594), H,,
(CUS— CADB, $=0.538), H,, (IS—CADB, $=0.130), and H,,
(CE— CADB, $=0.631).

Following the guidelines of Zhao et al. (2010), we con-
ducted a mediation analysis with CADB as the mediator.
Several mediation relationships were supported, except H,,
(CE— CADB— RI). The results showed stronger mediation effects
for H,, (SM— CADB - RI, =0.610) and H,, (CUS— CADB—RI,
$=0.592). Additionally, H, (HM-CADB—RI, (=0.225),
H, (UM-CADB—RI, $=0114), and H, (IS—CADB—RI,
B=0.226) were also supported. Among the moderating relation-
ships, H,, (SC*UM— CADB) was insignificant. However, H,
(SC*SM — CADB, $=0.794) and H,, (SC*HM — CADB, $=0.720)
demonstrated stronger moderation effects. Furthermore, H,,
(PC*CUS - CADB, §=0.325), H,, (PC*IS— CADB, §=0.195),and
H,. (PC*CE— CADB, 8=0.173) were also supported (Table 5).

6 | Discussion

The results provide critical insights into the relationships be-
tween consumer motivations, willingness to co-create, adaptive
behavior, and RIs in hyper-personalized online fashion retail.
Both consumer motivations and willingness to co-create were
found to significantly influence adaptive behavior. Among the
motivation dimensions, hedonic and UMs were the strongest
predictors, with HM emerging as the most influential. This
supports previous research suggesting that consumers are more
likely to engage in adaptive behaviors when personalization
enhances enjoyment and emotional satisfaction (Raghunathan

and Corfman 2006). UM also demonstrated a strong effect, em-
phasizing the notion that efficiency and perceived value are key
drivers of behavioral adaptation in personalized retail environ-
ments (Parker and Wang 2016). However, SM was insignificant.
These findings challenge previous studies that emphasize the
role of social influence in shaping consumer engagement (Argo
and Dahl 2020). One possible explanation is that in online retail
environments, peer influence may be less salient than in tradi-
tional in-store contexts. This unexpected result highlights the
need for further theoretical development of how social dynamics
operate in hyper-personalized digital experiences.

Results indicate that willingness to co-create, particularly
through CUS and CE, significantly influences adaptive be-
havior. Consumers who participate in CUS are more likely to
adjust their behaviors, supporting prior research on consumer
involvement in personalization (Kwon et al. 2017). Though IS
was significant, its relatively smaller effect size suggests some
consumer hesitation in sharing personal data. This highlights
the trade-off between PCs and the desire for personalized ex-
periences, consistent with the privacy paradox (Sanchez and
Urbano 2019; Thomaz et al. 2020). Mediation analysis con-
firms that adaptive behavior links consumer motivations,
willingness to co-create, and RI. This emphasizes the impor-
tance of personalized and engaging experiences in enhanc-
ing loyalty. However, CE did not significantly influence RIs,
suggesting that effort alone is not a sufficient driver of loyalty
(Iglesias et al. 2020).

We also examined how SC and PCs moderate the effects of con-
sumer motivations and willingness to co-create on adaptive be-
havior. Results show that SC moderates the influence of social
and HMs on adaptive behavior, suggesting that consumers are
influenced by others when personalization reflects social or as-
pirational factors (Das et al. 2022). However, SC did not mod-
erate the effect of UM, suggesting that practical benefits drive
consumer adaptation independently of peer influence. This dis-
tinction implies that while social and HMs are influenced by ex-
ternal validation, UMs remain functionally driven.
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TABLE 5 | Hypotheses testing.

Hypothesis Path B t P Supported
Direct relationships
Hla SM — CADB 0.192 1.461 0.144 No
H1b HM — CADB 0.823 5.239 0.000 Yes
Hic UM - CADB 0.594 4.111 0.000 Yes
H2a CUS— CADB 0.538 3.901 0.000 Yes
H2b IS— CADB 0.130 3.226 0.001 Yes
H2c CE— CADB 0.631 5.294 0.000 Yes
H5 CADB—RI 0.820 16.139 0.000 Yes
Mediated relationships
H,, SM —- CADB— RI 0.610 13.006 0.000 Yes
H,, HM - CADB—RI 0.225 10.118 0.000 Yes
H,, UM — CADB— RI 0.114 2.490 0.013 Yes
H,, CUS— CADB—RI 0.592 10.518 0.000 Yes
H,, IS—- CADB—RI 0.226 9.390 0.000 Yes
H,, CE— CADB—RI 0.006 0.268 0.789 No
Moderated relationships
H,, SC*SM — CADB 0.794 5.820 0.000 Yes
H, SC*HM — CADB 0.720 3.908 0.000 Yes
Hg, SC*UM — CADB 0.124 0.396 0.997 No
H,, PC*CUS— CADB 0.325 2.156 0.000 Yes
H, PC*IS— CADB 0.195 1.253 0.000 Yes
H PC*CE— CADB 0.173 1.835 0.000 Yes

7c

Abbreviations: CADB, consumer adaptive behavior; CE, consumer effort; CUS, customization; HM, hedonic motivation; IS, information sharing; PC, privacy
concerns; RI, re-patronage intentions; SC, social comparison; SM, social motivation; UM, utilitarian motivation.

PCs had a complex effect on adaptive behavior (Thomaz
et al. 2020). While they moderated IS and CE, they did not en-
tirely reduce engagement. This supports the privacy-paradox,
where consumers balance perceived benefits against privacy
risks (Thomaz et al. 2020). Results are consistent with the pri-
vacy calculus theory, which suggests that consumers make
informed trade-offs rather than outright rejection of personal-
ization (Cloarec 2020; Thomaz et al. 2020). Interestingly, PCs
appeared less restrictive in the Zimbabwean context. Cultural
norms and economic conditions may lead to higher accep-
tance of hyper-personalization (Dourish and Anderson 2006;
Thomaz et al. 2020). This contrasts with trends in developed
markets, where privacy is a dominant concern (Sdnchez and
Urbano 2019). Our findings suggest that PCs are influenced by
context, including digital literacy, regulatory landscapes, and
economic necessity.

6.1 | Theoretical Implications

This study advances the understanding of consumer behavior in
hyper-personalized fashion retail by examining how consumer

motivations and willingness to co-create influence adaptive be-
havior and RIs. It provides a framework for explaining the in-
fluence of hedonic and UMs on engagement with personalized
offerings. While previous research has explored these motiva-
tions (Al-Nabhani et al. 2022; Childers et al. 2001; Scarpi 2012),
we extend these insights to an emerging African market, offering
new perspectives on adaptive consumer behavior in resource-
constrained environments. A key theoretical contribution lies in
challenging the existing view on CE in co-creation. Contrary to
previous research (Iglesias et al. 2020) that positioned CE as a
mediator between adaptive behavior and RIs, our results suggest
that in socio-economically challenged contexts like Zimbabwe
(Woyo 2022), co-creation alone is insufficient to drive loyalty.
Instead, additional motivating factors are needed; thus, expand-
ing theoretical discussions on adaptive behavior in constrained
markets and opening new avenues for future research.

This study builds on self-determination theory (Deci and
Ryan 1985) by demonstrating how hedonic, social, and UMs in-
fluence adaptive behaviors and RIs in hyper-personalized retail.
While prior research (Sebald and Jacob 2018) examined moti-
vation in personalization, this study specifically examines its
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effects on hyper-personalized fashion retail, highlighting how
personalized experiences influence consumer decision-making.
Furthermore, it extends socialization theory by examining the
role of SMs in relational dynamics and contributes to SC the-
ory by illustrating how evaluations of hyper-personalized offer-
ings impact emotional and behavioral responses (Japutra and
Song 2020).

Additionally, we clarify the relationship between willingness
to co-create and adaptive behavior, offering new insights into
value creation in fashion retail (Thomas et al. 2020; Wang
et al. 2017). It also extends the literature on PCs in hyper-
personalized retail, moving beyond general discussions on
privacy in personalization (McKee et al. 2024). Situating
this research in Zimbabwe provides empirical evidence on
hyper-personalization in an emerging African context, thus
enriching global literature on hyper-personalized retail envi-
ronments (Alkire and Hammedi 2021), enriching global litera-
ture on hyper-personalization in retail environments (Canhoto
et al. 2024; Riegger et al. 2022).

6.2 | Managerial Implications

Our results provide insights for retail managers seeking to en-
hance consumer engagement, personalization effectiveness,
and long-term customer retention in hyper-personalized fashion
retail. This study highlights key strategies for optimizing efforts
while addressing consumer expectations and concerns, based
on the influence of consumer motivations, willingness to co-
create, and PCs on adaptive behavior. To maximize consumer
engagement, retail managers should tailor personalization strat-
egies to hedonic and UMs. This involves using advanced analyt-
ics and artificial intelligence-driven recommendation systems
to deliver personalized product suggestions that enhance both
shopping enjoyment and efficiency. Additionally, incorporating
SC mechanisms, such as user reviews, influencer endorsements,
and peer-generated content, can strengthen brand credibility
and influence purchasing decisions by emphasizing social val-
idation cues.

Privacy management is also critical in ensuring consumer trust
and sustained engagement. As consumers become increasingly
aware of data security risks, retail managers must prioritize
transparent data practices by clearly communicating how cus-
tomer data is collected, stored, and used (Suh and Moradi 2023).
Implementing opt-in data sharing mechanisms, secure data en-
cryption, and artificial intelligence-driven privacy controls will
help mitigate PCs while encouraging participation in hyper-
personalized experiences. We revealed that simply requiring
effort from consumers is insufficient to drive loyalty. Therefore,
managers should focus on reducing friction in personalization
experiences by streamlining CUS processes, offering intuitive
user interfaces, and ensuring that personalization adds clear,
tangible value to consumers.

6.3 | Limitations and Future Research Directions

While this study provides critical insights into consumer be-
havior in hyper-personalized fashion retail, certain limitations

should be acknowledged. Firstly, the research was conducted
in a specific emerging African market with specific socio-
economic challenges (Woyo 2022), which may limit the gener-
alizability of the results. Comparative studies across emerging
and developed markets could provide a broader understanding
of consumer behavior in hyper-personalized fashion retail.
Secondly, the cross-sectional design limits the ability to draw
causal relationships between variables (Dolnicar 2020). Future
research could employ longitudinal or experimental designs to
examine how consumer motivations, adaptive behavior, and RIs
change over time.

Thirdly, with the rapid advancement of digital technologies and
data analytics rapidly advancing (Mehmood et al. 2024), future
studies could explore how artificial intelligence, machine learn-
ing, and data infrastructure enhance personalization strategies
and improve consumer engagement. Investigating these tech-
nological developments could reveal new opportunities for opti-
mizing hyper-personalization efforts. Lastly, this study focused
on online hyper-personalization in fast fashion retail, limiting
insights into other retail segments. Future research could ex-
plore luxury and mid-fashion brands and examine how offline
and online retail contexts influence consumer motivations and
adaptive behavior.
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