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Mediating Role of Social Commerce Trust in Behavioral Intention and Use
ABSTRACT
While the importance of s-commerce is implicitly recognized, inconsistencies in extant empirical
research pose significant challenges. Based on perspectives from trust, social presence, and
socio-technical theories, this study develops an integrated model of the factors that influence
intention and use behavior, with particular attention to the role of trust in s-commerce. The
model is tested using meta-analytic structural equitation modeling techniques on 201
observations from 83 s-commerce studies. Implications for research and practice are discussed.

Keywords:  Social commerce, Behavioral intention, System use, Meta-SEM



Mediating Role of Social Commerce Trust in Behavioral Intention and Use

1. INTRODUCTION

The growth of social networking and e-commerce lead to the development of social commerce
(s-commerce) (Dong & Wang, 2018). S-commerce is defined as “exchange-related activities that
occur in, or are influenced by, an individual's social network in computer-mediated social
environments, where the activities correspond to the need recognition, pre-purchase, purchase,
and post-purchase stages of a focal exchange” (Yadav et al., 2013). S-commerce is a mixture of
social and commercial activities (Hassan et al., 2018) and includes four major elements in the
value creation process including individuals, social networks, community interactions, and
commercial activities (Hassan et al., 2018). The size of global s-commerce market is expected to
reach over USD 3.3 billion by 2028 (Grand View Research, 2021). Several large organizations
such as Amazon, Alibaba, and eBay use a strategy of developing online communities and adding
social technologies into their platforms (Goraya et al., 2021). For example, Amazon Live
provides opportunities for brands to connect with consumers through interactive, shoppable
livestreams and includes a chat feature for consumers to ask questions and receive information in

real-time (Geyser, 2021).

S-commerce is of burgeoning interest to researchers (Sharma et al., 2019). Prior studies have
empirically examined the effects of various factors on consumer behavior in s-commerce
contexts (Hajli & Sims, 2015; Hajli, 2015; Makmor et al., 2019; Sharma et al., 2019). Different
theoretical perspectives (e.g., Technology acceptance model, Theory of Planned Behavior,
Stimulus-organism-response model, trust transfer theory, social support theory, social presence
theory, social exchange theory) have been applied in such studies. Empirical findings in the s-

commerce domain have been inconsistent at times (Bugshan & Attar, 2020; Molinillo et al.,



2018; Zhang et al., 2014) and several studies have attempted to synthesize prior findings using
meta-analytic methods (e.g. Busalim, 2016; Han et al., 2018; Jadil et al., 2022; Sarker et al.,
2020; Zhang & Benyoucef, 2016; Mou & Benyoucef, 2021). These studies generally provided a
corrected effect size of the relationship between various factors and behavioral intention or use
behavior, but did not examine inter-relationships between factors. Dwivedi et al. (2021)
employed meta-analytic structural equation modeling (MASEM) methods to examine the impact
of various s-commerce factors on intention and use. Jadil et al. (2022) employed meta-analytic
approach to examine the effects of moderators (for example, the six dimensions of Hofstede's

national culture) in the social commerce adoption research.

This study develops an integrated research model appealing to trust, social presence, and socio-
technical theories and focusing on the role of trust in s-commerce settings. For many consumers,
there is a perceived risk in using s-commerce connected to potential dangers and personal losses
(Kaur & Kumar, 2019) and trust continues to be a significant factor influencing intention and
behavior (Chen & Wang, 2016; Hassan et al., 2018) while lack of trust raises doubts about s-
commerce transactions (Jones & Leonard, 2008). Thus, trust in s-commerce sites remains a
significant consideration for e-vendors and establishing trust is important for s-commerce
companies (Kim & Park, 2013). Our research model anchored in multiple theoretical
perspectives is empirically tested using MASEM methods, which enables the synthesis of prior
empirical findings and the analysis of relationships between constructs (Jeyaraj & Dwivedi,
2020), on 201 findings coded from 83 prior studies on s-commerce. Our findings show that trust
partially mediates the effects of s-commerce features and familiarity and fully mediates the effect

of social presence on behavioral intention and use behavior.



The rest of the paper is organized as follows. The theoretical background of s-commerce field is
presented in Section 2. Section 3 describes the research model along with the hypotheses.
Section 4 describes the research methodology, section 5 presents the results, and section 6

provides a discussion. Finally, section 7 concludes the paper.

2. THEORETICAL BACKGROUND

2.1. Trust-based theory

Trust is generally recognized as a crucial element for online transactions (Al-Adwan & Kokash,
2019). A trust-based consumer decision-making model was proposed by Kim et al. (2008),
which explains how consumer’s trust, perceived risks, and perceived benefits influence their
intention to purchase online (Abou-Elgheit, 2019). Trust and risk have four main categories of
antecedents based on cognition (e.g. security, privacy, and quality of information), affect
(emotional and feelings towards the electronic vendor and friends); experience (e.g. familiarity
with the electronic vendor); and personality (disposition to trust, purchasing preferences) (Kim et
al. 2008). Several studies have investigated the role of consumer trust in the context of online
shopping and adoption of new technologies (Abou-Elgheit, 2019; Cheng et al., 2019b; Shin,
2013; Yahia et al., 2018). For example, Abou-Elgheit (2019) studied the antecedents of trust and

risks of Egyptian online shoppers and their intention to purchase using s-commerce.

2.2. Socio-technical theory

Socio-technical theory (Bostrom & Heinen, 1977) states that the social and technical subsystems
are required to build a system. The social subsystem is connected to the human perspective and
consists of users’ knowledge, skills, the reward system, relationships, and values whereas the
technical subsystem focuses on the technical capabilities of the system and includes the

procedure, technologies, and tools which help users to accomplish a certain task by using the
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system (Al-Adwan, 2019). Both subsystems are required to work together in order to produce the
enhanced outputs (Al-Adwan, 2019; Bostrom & Heinen, 1977). In the context of s-commerce,
the social subsystem involves consumers’ knowledge, skills, and prior experiences of online
shopping, social interactions, and relationships. The technical subsystem includes functionalities
and tools of social media which help users to share information about products/services with
other users (Liang et al., 2011). Prior studies used the principles of socio-technical theory to
investigate factors affecting consumer behavior in s-commerce (Al-Adwan, 2019; Hajli et al.,
2017b; Lin et al., 2019). For example, Al-Adwan (2019) used technical (i.e., social commerce
constructs) and social components (i.e., familiarity and user experience) to investigate the actual

purchase behavior of online shoppers in Jordan.

2.3 Social presence theory

According to social presence theory, effective communication can be achieved when the
communication medium has a social presence that mirrors interpersonal participation necessary
for completing an action (Al-Adwan & Kokash, 2019). Social presence, considered an important
feature of s-commerce, is defined as the quality of a communication medium that forms a key
basis for understanding the communication between individuals (Al-Adwan & Kokash, 2019;
Short et al., 1976). Social presence theory has been widely used in the context of s-commerce to
examine consumer behavior (Al-Adwan & Kokash, 2019; Liang et al., 2011; Lu et al., 2016;
Rashid et al., 2020). For instance, Al-Adwan & Kokash (2019) surveyed 237 Facebook users and
found that social presence positively affects trust and purchase intentions on s-commerce

platforms.



3. RESEARCH MODEL
Figure 1 presents the proposed research model based on a combination of perspectives from

trust, social presence, and socio-technical features.

Insert Figure 1 here

Social presence

Grounded in social presence theory (Short et al., 1976), social presence is defined as “a
representation of the degree to which the medium of communication makes an individual aware
of the others on the communication process with the communication medium also facilitating
social interaction” (Al-Adwan & Kokash, 2019, p. 22). Social presence helps to overcome the
impersonal and transaction-focused nature of electronic shopping environments (Hassanein &
Head, 2007). Social presence can have a positive effect on consumer buying intention as it
enables the positive attitude of consumers towards the s-commerce platform, which in turn will
result in buying intention (Friedrich et al., 2019a). Social context is important in forming and
increase consumer trust (Weisberg et al., 2011; Gefen & Straub, 2004; Rahman et al., 2020) and
the feeling of security for consumers (Shin & Shin, 2011; Rahman et al., 2020).

H1: Social presence has a significant positive influence on perceived s-commerce trust.

Social Commerce Features

S-commerce features can also influence trust (Hajli, 2015). S-commerce features help consumers
to feel closer to each other which can encourage participation and engagement. As a result, the
supportive climate created by s-commerce features help to increase the level of trust (Hajli,
2015). The relationship between social commerce features and perceived trust has been

examined in several studies (Hajli, 2015; Rahman et al., 2020; Shekhar & Jaidev, 2020). For



example, Hajli (2015) in this study by using survey data from 243 UK participants found that
social commerce features have significant effect on consumers’ trust.
H2: S-commerce features have a significant positive influence on perceived s-commerce

trust.

S-commerce platforms provide consumers with opportunities to share product-related
information with peers and engage in discussions. S-commerce platforms offer various features
of Web 2.0 technologies such as referrals, ratings, reviews forums, communities, and
recommendations (Atchariyakarn & Zhang, 2021), which help consumers to share and exchange
product-related information and their experience with each other (Al-Adwan, 2019). These tools
play an important role in transforming consumers’ experiences and perceptions of online
shopping websites (Curty & Zhang, 2013). S-commerce features not only allow users to easily
access information about the experiences of other people with products/services but also share
their own experiences and interact with other consumers (Al-Adwan, 2019). These features help
consumers better understand the available products/services and help them in the decision-
making process (Al-Adwan, 2019). Researchers have shown that s-commerce features have
significant effects on consumer purchase decisions (Hajli & Sims, 2015; Makmor et al., 2019).
H3: S-commerce features have a significant positive influence on behavioral intention to

use s-commerce.

Familiarity
Familiarity is defined as “as specific activity-based cognizance based on previous experience of
learning about how to use a particular interface” (Gefen, 2000, p. 727). In an online context,

familiarity with a certain online platform refers to the extent to which users comprehend the
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procedures of the website (Gefen et al., 2003a). Familiarity can help to lessen the perceived
uncertainty by increasing understanding of what is happening (Al-Adwan, 2019; Gefen et al.,
2003a), making users increase their confidence in the environment (Al-Adwan & Kokash, 2019).
Familiarity reduces concerns that the other party can be opportunistic (Gefen et al., 2003a). The
impact of familiarity on trust within online platforms has been supported by prior empirical work
(Gefen, 2000; Gefen et al., 2003a; Ng, 2013; Rahman et al., 2020; Sharma et al., 2019). Gefen
(2000) argued that familiarity can create trust when the vendor demonstrates trustworthy
behavior. Consumers could use familiarity to evaluate benevolence, ability, and credibility of s-
commerce platforms which can aid their transaction decisions (Al-Adwan & Kokash (2019).

H4: Familiarity has a significant positive influence on perceived s-commerce trust.

Purchasing from s-commerce websites can be seen as a technical procedure (Hajli et al., 2017a),
involving various steps (e.g. searching for products/services, selecting online-vendors/ products/
services, reading reviews and information about the products/services, providing information,
placing orders), which can be considered as complex by some individuals. Complexity can be
considered as one of the main factors negatively affecting purchase intention in the online
environment (Gefen et al., 2003b). Familiarity with an online platform is positively related to
consumer understanding of the purchasing process and reduces difficulty in making decisions
(Gefen et al., 2003b). When users are familiar with the system, their intention to use the system
for purchases is increased (Adwan & Kokash, 2019; Martinez-Lopez et al., 2010). Therefore,
H5: Familiarity has a significant positive influence on behavioral intention to use s-

commerce.
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Trust

Trust plays an important role in online consumer behavior (Akman & Mishra, 2017; Cheng et al.
2017). Trust is defined as “belief that one can rely upon a promise made by another and that the
other, in unforeseen circumstances, will act toward oneself with goodwill and in a benign
fashion” (Suh & Han, 2003, p. 137). Due to the absence of face-to-face communications between
customers and sellers in the s-commerce context, high levels of risk and uncertainty are present
(Al-Adwan & Kokash, 2019). Consequently, trust plays a fundamental role in consumers’
intention to use s-commerce (Akman and Mishra, 2017; Al-Dwairi, 2017). S-commerce trust
refers to “consumers’ subjective beliefs that other consumers are trustworthy and that Web
technology (i.e. e-commerce sites, social media and s-commerce features) is reliable to perform
social commerce behaviors” (Lin et al., 2019). S-commerce trust comprises both trust in people

and technology (Sharma et al., 2019; Lin et al., 2019).

The impact of trust on behavioral intention to use s-commerce has been empirically examined
(Abou-Elgheit, 2019; Akman & Mishra, 2017; Al-Adwan, 2019; Liu et al., 2019; Maia et al.,
2020; Ng, 2013). Al-Adwan & Kokash (2019) state that consumers form purchase decisions
when they trust s-commerce websites. Trusting beliefs in s-commerce platforms can include
benevolence, integrity, predictability, and ability of s-commerce platforms to successfully
execute an exchange (Al-Adwan & Kokash, 2019). Trust helps individuals to engage in financial
transactions and diminish the psychological obstacles connected with online purchases (Paviou
& Fygenson, 2006).

H6: Trust has a significant positive influence on behavioral intention to use s-commerce.
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Behavioral Intention

Behavioral intention is a significant motivating factor driving people to enact a behavior (Pavlou
& Fygenson, 2006). Prior empirical studies have established the impact of behavioral intention
on the actual use of technologies (Hossain et al. 2017; Venkatesh et al., 2012). According to
Unified Theory of Acceptance and Use of Technology 2 (UTAUT?2), behavioral intention and
use behavior are two distinct constructs (Venkatesh et al. 2012). Several studies investigated the
impact of behavioral intention on use behavior in the context of s-commerce (Akman & Mishra,
2017; Chen et al., 2021; Rahman et al., 2020; Sheikh et al., 2019). Sheikh et al. (2019), using
data collected from 343 users of social networking sites in Pakistan, found that behavioral
intention has a significant positive effect on use behavior. Therefore,

H7: Behavioral Intention has a significant positive influence on use behavior in s-

commerce.

4. RESEARCH METHODS

4.1. Sample

The Scopus database was used to identify articles on s-commerce adoption and use. The search
was initiated with phrases such as ‘“‘adoption,” “intention,” and “use” along with ‘“social
commerce” published since 2011. The search was restricted to the English language and yielded
193 articles. The articles were screened to determine if they should be included in or excluded
from our meta-analysis sample. First, studies that could be considered out of scope were
excluded (e.g., Feng et al. 2018 examined electric vehicle adoption whereas Mendoza-Tello et al.
2018 dealt with cryptocurrencies). Second, studies that provided theoretical essays or employed

qualitative empirical methods were excluded (e.g., Lazaroiu et al. 2020 presented a theoretical

perspective whereas Li et al. 2018 and Yu et al. 2020 applied qualitative methods). Third, studies

13



that used quantitative methods, but unusable in our meta-analysis were excluded (e.g., Wu et al.
2015 employed the VIKOR methods whereas Zhao & Li 2020 used a simulation). Fourth, studies
that had not reported statistics such as Pearson correlation (Dwivedi et al., 2019; Gopinath &
Narayanamurthy, 2022; Hooda et al., 2022; Jeyaraj and Dwivedi, 2020; Mishra et al., 2022),
necessary for meta-analysis were excluded (e.g., Hu et al. 2019; Jin & Ryu 2020; Lee & Chen
2020). Finally, studies that did not examine at least one of the relationships in our research model
were excluded (e.g., Ali et al. 2020; Shang & Bao 2022; Zafar et al. 2021). We found 83 articles®

that met all the requirements (See Appendix A).

4.2. Coding

A uniform coding process was used to gather data from studies. We first coded author names,
publication year, journal name, country in which data was collected, and the focal technology for
each study. We then coded the reliability, mean, and standard deviation (SD) for each of the six
constructs in our research model. Finally, we coded the sample size and zero-order Pearson
correlation for each of the 15 bivariate relationships in our research model. If the correlations
were not available, we attempted to code other statistics that could be converted to correlations

(e.g., Abed 2020; Chen et al. 2018; Hajli 2014). We coded 201 observations across studies.

We screened the coded data for consistency with the meta-analysis requirements. First, we

ensured the independence of observations such that only one finding from a study was coded for

1 Nine studies were published in International Journal of Information Management, five each in Electronic
Commerce Research and Applications, Information & Management, and Technological Forecasting & Social
Change, three each in Journal of Theoretical and Applied Electronic Commerce Research, Journal of Retailing
and Consumer Services, Journal of Internet Commerce, and Computers in Human Behavior, two each in Journal
of Computer Information Systems, Journal of Business Ethics, SAGE Open, Internet Research, KSI|
Transactions on Internet and Information Systems, Information Technology & People, International Journal of
Business Information Systems, Sustainability, Electronic Markets, Behavior & Information Technology, Asia
Pacific Journal of Marketing and Logistics, and one article each in 24 other journals. The years of publication
for the articles are: 2011 (1 article), 2012 (1), 2013 (3), 2014 (5), 2015 (6), 2016 (4), 2017 (7), 2018 (10), 2019
(24), 2020 (17), and 2021 (5).
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each relationship. When a study reported multiple observations for the same relationship, we
computed the average across the multiple correlations resulting in a single statistic. For instance,
Chen et al. (2017) examined the impact of ratings and reviews, forums and communities, and
recommendations on intention, but an average was computed since the three constructs separate
constructs represented SC features in our model. Similarly, Hossain & Kim (2020) examined the
impacts of both trust and affective-based trust on intention, for which an average was computed
due to the two constructs representing trust in our research model. Second, prior studies did not
always report construct reliabilities, especially in the case of use behavior (e.g., Sheikh et al.
2019) did not report reliabilities for use behavior. Different approaches are available to handle
missing data, e.g., the mean of reliabilities for the same construct from the other studies can be
substituted. In this study, we have taken a conservative approach and did not substitute mean
values. Third, when squared correlations were coded from the study, the square root of the
squared correlation was coded. In doing so, we ensured that the constructs shared a positive

association with each other.

4.3. Analysis

For each bivariate relationship in our model, quantitative meta-analytic methods (e.g., Hunter
and Schmidt 1990) were used to obtain the corrected correlation effect size. The measurement
errors in observed correlations were corrected using the reliabilities of the constructs. The
sampling errors were corrected by weighting the effect size by the sample size. Table 1 (lower
triangle) portrays the matrix of meta-analyzed correlations for all relationships. The lower
triangle of Table 1 also includes the number of findings and the cumulative sample size for each

relationship.
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Insert Table 1 here

Table 1 (upper triangle) shows the credibility interval and the failsafe-N for each relationship in
our model. Based on the credibility intervals, the relationships are positive since the interval does
not include O (Whitener 1990). The relationships between emotional support, informational
support, and behavioral intention with use behavior are the exceptions. The failsafe-N estimates
the number of additional studies with non-significant effects needed to invalidate the corrected
correlation shown by the meta-analysis (Wu and Lederer 2009). Failsafe-N ranged from 16 (for
social presence to use behavior link) to 455 (for the trust to behavioral intention link). Overall,
the average failsafe-N is 101 across the 15 relationships. The ratio of failsafe-N to the number of
findings ranges from 5 to 12 across the relationships (Sabherwal et al. 2006). Thus, publication
bias may not be a significant concern in this study. Table 1 also reports the mean and SD for
each construct. These were computed on a 7-point scale based on the available statistics from

prior studies included in our analysis.

The MASEM analysis was conducted in Stata 15 using the matrix of corrected correlations
(Table 1, lower triangle) and the means and SDs (Table 1). The minimum sample size (923)

across the 15 relationships was used as the sample size for the MASEM analysis.

5. RESULTS

We initiated the MASEM analysis with the research model (Figure 1). It showed reasonable fit:
¥> = 86.28, df =5, p < 0.01, CFI = 0.964, TLI = 0.893, SRMR = 0.05, and RMSEA = 0.133. All
hypothesized paths in the model were significant. CFI was acceptable (> 0.90) and TLI was

below the recommended threshold of 0.90 (Bentler and Bonett 1980). SRMR was below the
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recommended level of 0.08 and RMSEA was higher than the recommended level of 0.08
(Browne and Cudeck 1993; Sabherwal et al. 2006). Modification indices (M1 > 10) showed other

paths that may provide better fit.

Accordingly, the path between trust and use behavior (Ml = 40.14) was included first. The
resultant model was a better fit for the data than the research model: y? = 45.23, df = 4, p < 0.01,
CFI = 0.982, TLI = 0.932, SRMR = 0.028, and RMSEA = 0.106. All significant paths in the
previous step remained significant. Both CFI and TLI exceeded the recommended level of 0.90.
SRMR was below the recommended level and RMSEA continued to be above the recommended

level of 0.08. Modification indices suggested other paths may be included for better fit.

The path between SC features and use behavior (Ml = 24.07) was added next. The resultant
model showed a better fit than the previous step: XZ =20.85,df=3,p<0.01, CFI =0.992, TLI =
0.961, SRMR = 0.016, and RMSEA = 0.08. All supported paths in the previous step were
significant. Both CFI and TLI were above 0.90, SRMR was below 0.08, and RMSEA was at
0.08. Modification indices did not show other candidate paths for consideration. This model was
thus accepted as the emergent model (Figure 2), and it explained 47.6% variance in trust, 49.6%

variance in behavioral intention, and 36.4% variance in use behavior.
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6. DISCUSSION

6.1. Findings

Our research model integrated perspectives from trust, social presence, and socio-technical
theories to examine behavioral intention and use behavior in s-commerce contexts. All seven
hypotheses were supported: social commerce features, social presence and familiarity influence
trust; social commerce features, trust and familiarity influence behavioral intention, which in turn
influences use behavior. Two relationships emerged in our analysis: social commerce features
and trust influence use behavior. Collectively, these results demonstrate the mediating role of
trust in s-commerce settings. Specifically, trust fully mediates the effect of social presence on
behavioral intention and partially mediates the effects of s-commerce features and familiarity on

both behavioral intention and use behavior.

Social presence exerted a significant positive influence on trust (H1 supported). Problems of
physical absence in the online marketplace can lead to lack of trust, which can be improved by
using social presence tools (e.g. live chat, full time contact person). The finding can be explained
by social presence theory and is consistent with prior findings on s-commerce (Rahman et al.,

2020).

Social commerce features had a significant impact on trust and behavioral intention in the
context of s-commerce (H2 and H3 supported). This finding is consistent with prior research
(Hajli, 2015; Hajli & Sims, 2015; Makmor et al., 2019) and shows that the presence of s-
commerce features within s-commerce platforms can significantly increase the level of trust and
behavioral intention. By using s-commerce features, customers can provide and receive valuable

and credible information which can enhance their knowledge, increase trust of s-commerce
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platforms, and aid the purchase decision-making process. Additionally, our analysis showed that

social commerce features have a direct impact on use behavior (emergent path).

Familiarity was found to be an antecedent of trust and behavioral intention in s-commerce
settings (H4 and H5 supported). This implies that the more the consumers are familiar with s-
commerce platforms, the more they will trust it and intend to use it. Familiarity is considered as a
precondition of trust, as it creates a framework of understanding between the consumer and the
third party (Sharma et al., 2019). Sharma et al. (2019) argued that familiarity and trust help to
reduce complexity and uncertainty while performing s-commerce transactions. Familiarity with
s-commerce platforms can be achieved by motivating users to adopt special features, which will
improve familiarity with s-commerce platforms (Rahman et al. 2020; Sharma et al. 2019; Al-
Adwan and Kokash 2019). If individuals had pleasant experiences on s-commerce platforms,
they are likely to develop positive post-purchase beliefs towards the platform and will consider

the platform for future purchases (Al-Adwan, 2019).

Trust positively influenced behavioral intention in s-commerce contexts (H6 supported). With
the increase of individuals’ trust in S-commerce, individuals’ intention to engage in s-commerce
increases as well. Trust is one of the most important elements of s-commerce due to the high risk
of uncertainty (Akman and Mishra, 2017). As trust is a strong predictor of behavioral intention,
the factors which influence trust in s-commerce environments are particularly important to
understand (Sharma et al., 2019). Our findings can be explained by trust-based theory and are
also consistent with prior research within s-commerce (Abou-Elgheit, 2019; Akman & Mishra,
2017; Al-Adwan & Kokash, 2019; Al-Adwan, 2019). Additionally, a new emergent path was

found- the direct effect of trust on use behavior.
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Behavioral intention was found to have a significant positive effect on use behavior (H7
supported), in line with previous findings in s-commerce research (Akman & Mishra, 2017;
Chen et al., 2021; Rahman et al., 2020; Sheikh et al., 2019). According to Kim et al. (2008)
behavioral intention is one of the psychological aspects which can result in actual behavior. As a
result, it can be concluded that usage intention can help predict the frequency and possibility of

activities on s-commerce platforms (Rahman et al., 2020).

The findings of this research show that a combination of perspectives from trust, social presence,
and social-technological theories was successful in predicting trust, behavioral intention and use
behavior in the context of s-commerce. The model accounts for 47.6% variance in trust, 49.6%
variance in behavioral intention, and 36.4% variance in use behavior. The variance explained in
prior s-commerce studies was below 29% for trust (Al-Adwan, 2019; Al-Adwan & Kokash,
2019; Bugshan & Attar, 2020), below 45% for behavioral intention (e.g. Riaz et al., 2021; Zhang
et al., 2014), and below 27% for use behavior (Chen et al., 2021; Lin & Wu, 2015; Sheikh et al.,
2019). Our integrated research model performed better than prior models in s-commerce

research.

6.2. Limitations

The findings should be interpreted in light of the limitations of the study. First, the study used
reported statistics from prior studies and not primary data directly gathered from respondents,
and assumes the quality of prior studies. Second, the findings are based on a subset of prior
studies since studies that did not report data necessary for the meta-analysis were excluded. It is
possible that the results are biased. Third, this study did not consider the analysis of moderating
variables due to an insufficient number of studies on moderating effects. Future research could

investigate the effect of moderators such as respondents characteristics (e.g., age, gender,
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country of residence, propensity to trust, frequency of purchasing from internet, repurchase from
the same online store), platform types, product type on predictors to behavioral intention and use
in the context of s-commerce. Additionally, the impact of culture (e.g. individualistic vs
collectivistic) was not tested due to insufficient number of studies in individualistic country
settings. It is recommended that future research examine these relationships as more studies in
individualistic country settings are published. Fourth, the study was based on findings reported in
journal articles. While the failsafe-N values are good, it is possible that our analysis excluded
studies from other sources that reported non-significant effects. Finally, assumptions for missing
data had to be implemented in our study. While the coding process was stringent,

accommodations for missing data could bias the findings of our study.

6.3. Implications for Research

The results of this study make several contributions to academic research. First, this study
underlined the role of s-commerce trust by showing the ways in which it mediated the effects of
other variables on behavioral intention and use behavior. While prior research has shown that
trust impacts behavioral intention and use behavior (e.g., Dwivedi et al. 2021), our study shows
that trust also mediates the effects of social presence, s-commerce features, and familiarity on
behavioral intention and use behavior. Second, this study advanced our understanding of the
antecedents of trust, behavioral intention, and use behavior. Based on quantitative meta-analysis
procedures, our findings provide generalized understanding of the relationships between social
commerce features, social presence, familiarity, trust, behavioral intention, and use behavior in
the context of s-commerce. Third, this study examined an integrated model based on trust, social
presence, and socio-technical theories in the context of s-commerce. This is in response to calls

for theoretical models which can help identify the antecedents of consumer behavior on s-
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commerce platforms (Al-Dwairi, 2017). Our study furthers a model for understanding consumer
behavior on s-commerce platforms. Fourth, our study synthesized prior findings for a cumulative
understanding of s-commerce intention and use behavior. Zhang & Benyoucef (2016) argued
that it is important to identify key factors and resolve inconsistent effects in prior empirical
findings. This study helps resolve inconsistent and contradictory findings on the relationships
involving trust, intention and use in s-commerce contexts. Finally, the current research provided
an in-depth understanding of factors influencing use behavior. Our integrated research model
found that trust and social commerce features not only influence behavioral intention but also
significantly impact use behavior. Prior studies largely focused on behavioral intention and not
use behavior, resulting in calls for assessing use behavior (Abou Ali et al., 2020). This study also

enhances our understanding of use behavior in the context of s-commerce.

6.4. Implications for Practice

The findings of this research raise several implications for s-commerce practitioners. Trust plays
an important role in increasing s-commerce intention, i.e., the higher the trust, the greater the
intention to use s-commerce. S-commerce platforms may be made more trustworthy by
improving platform features such as ratings and forum discussions, which may increase
customers’ trust. They may also enhance the interactive capabilities of s-commerce platforms,
which provide convenient communication channels for customers to find relevant information
and share their purchase experiences. Platform providers could identify ways such as incentives
to increase customer engagement to enhance the trustworthiness of ratings and discussions. By
providing communications tools, s-commerce providers may enhance customers’ perceptions of

social presence (Al-Adwan, 2019). Platform providers could display statistics on product
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adoption (e.g. how many people bought the product, how many people use the product on regular

basis). This type of social proof can significantly increase consumers’ trust (Pandey, 2022).

Companies may engage in friendly and authentic conversations with their potential and actual
customers on their social media pages. It will help strengthen the connection and community
identification between the company and the public (Men & Tsai, 2014). Companies may build
strong social communities, where customers are encouraged to interact with each other, perhaps
even rewarding the most active members (Yoo et al., 2013). Customer engagement may be
increased through incentives such as coupon codes, discounts, or giveaways. Social competition,
hashtag challenge, fun hashtag sharing with pictures/videos of products to engage with the brand
community, and pop-up events for brand fans may be other ways to further increase customer
engagement. Platform providers may strive to understand why and how consumers engage with
s-commerce platforms. Such knowledge can be used by marketers to influence information
sharing in s-commerce, which can affect consumer purchase decisions, customer loyalty, and

consumer commitment to the community (Hennig-Thurau & Walsh, 2003).

S-commerce platform providers may consider the importance of familiarity with s-commerce
platforms. While users gain familiarity through repeated use of the s-commerce platforms, it may
be advantageous to provide quick tutorials and how-to guides that can enable users to become
more familiar with the platforms. These may be offered in various formats (e.g. video, text) such
that users with different abilities and skillsets may benefit from such resources. System designers
can include useful and necessary information on the FAQ sections that help customers in their
decision making processes. Shopping assistants to highlight the different system capabilities and

help customers to complete transactions may also be deployed on s-commerce platforms.
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Platform providers could include 24/7 chat enabled by artificial intelligence (Al) that could help

resolve shopping-related problems, which could lead to an increase in sales.

7. CONCLUSION

This study examined an integrated research model of factors affecting consumer behavior in s-
commerce settings with a focus on trust. Based on perspectives from trust, social support, and
socio-technical theories, our research model provides insights into behavioral intention and use
behavior of consumers on s-commerce platforms. MASEM results show social presence, s-
commerce features, and familiarity influence trust; s-commerce features, trust, and familiarity
impact behavioral intention; and behavioral intention, trust, and s-commerce features influence
use behavior. These findings can advance our understanding of trust, including its mediating role

in s-commerce settings.
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APPENDIX A
Prior studies in the Meta-Analysis sample

Study Country Technology N

Abed (2020) Saudi Arabia S-commerce site 181
Abou-Elgheit (2019) Egypt E-commerce site 599
Akman and Mishra (2017) Turkey S-commerce site 142
Al-Adwan (2019) Jordan S-commerce site 418
Al-Adwan and Kokash (2019) Jordan Facebook 237
Al-Dwairi (2017) Jordan S-commerce site 295
Al-Tit et al. (2020) Saudi Arabia Facebook & Twitter 389
Aslam et al. (2019) Pakistan Mobile s-commerce 344
Attar et al. (2021) Asian countries S-commerce site 107
Aydin (2019) Turkey S-commerce site 269
Bugshan and Attar (2020) Asian countries S-commerce site 400
Chen et al. (2017) China Taohao 243
Chen et al. (2018) Taiwan S-commerce site 281
Chen et al. (2021) China Xiaohongshu 282
Cheng et al. (2019a) Taiwan S-commerce site 395
Cheng et al. (2019b) China S-commerce apps 614
Cho and Son (2019) USA S-commerce site 446
Dabbous et al. (2020) Lebanon Facebook & Instagram 206
Dashti et al. (2019) Iran S-commerce site 514
Doha et al. (2019) N/A S-commerce site 193
Dong and Wang (2018) China WeChat 511
Fan et al. (2019) China WeChat 333
Featherman & Hajli (2016) N/A e-billpay service 467
Friedrich et al. (2019a) Germany S-commerce site 237
Friedrich et al. (2019b) Germany S-commerce site 164
Ghahtarani et al. (2020) Iran S-commerce site 254
Goraya et al. (2021) China Holiday booking site 784
Hajli (2014) United Kingdom Facebook 200
Hajli (2015) United Kingdom Social network site 243
Hajli et al. (2015) Malaysia Social media sites 200
Hajli and Sims (2015) United Kingdom Facebook 230
Hajli et al. (20173) N/A Facebook 201
Hajli et al. (2017b) United Kingdom S-commerce site 199
Handarkho (2020) Indonesia S-commerce site 750
Hassan et al. (2018) Pakistan Social network site 306
Hew et al. (2016) Malaysia Mobile s-commerce 208
Horng and Wu (2020) Taiwan Facebook 970
Hossain et al. (2020) USA S-commerce site 232
Hossain and Kim (2020) USA,; South Korea Social network site 549
Huang and Benyoucef (2017) China S-commerce site 262
Hung et al. (2015) Taiwan Facebook 446
Hung et al. (2018) Taiwan Social network site 166
Hussain et al. (2021) China Weitao 430
Kim et al. (2012) South Korea S-commerce site 365
Kim and Park (2013) South Korea S-commerce site 371
Ko (2020) Taiwan Facebook 284
Lee and Choi (2014) South Korea S-commerce site 324
Li (2019) Taiwan Kidshome 408
Li and Ku (2018) Taiwan Pchome & Kidshome 357
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Liang et al. (2011) Taiwan Plurk 411
Lin and Wu (2015) Taiwan Online group-buying 202
Lin et al. (2018) China WeChat 511
Lin etal. (2017) China Weibo 506
Liu et al. (2019) China Dianping 288
Liu et al. (2016) China S-commerce site 349
Lu et al. (2016) China Online group-buying 260
Maia et al. (2020) Brazil S-commerce site 160
Makmor et al. (2019) Malaysia S-commerce site 100
Molinillo et al. (2018) Spain S-commerce site 201
Ng (2013) East Asia Facebook 176
Osatuyi and Qin (2018) USA Facebook & Twitter 510
Osatuyi et al. (2020) USA S-commerce site 531
Qin (2020) USA S-commerce site 131
Rahman et al. (2020) Bangladesh Social network site 300
Rashid et al. (2020) China S-commerce site 303
Riaz et al. (2021) Pakistan Social network site 232
Saprikis and Markos (2018) Greece Social network site 433
Shahbaz et al. (2020) China Taobao 367
Sharma and Crossler (2014) USA Social network site 252
Sharma et al. (2019) USA Social network site 215
Sheikh et al. (2019) Pakistan Social network site 343
Shekhar and Jaidev (2020) India Social network site 267
Shin (2013) South Korea S-commerce site 329
Sunetal. (2019) China S-commerce site 504
Tehetal. (2015) Malaysia S-commerce site 220
Um (2019) South Korea S-commerce site 354
Wang et al. (2019) USA Amazon 408
Yahia etal. (2018) Asian countries Instagram 205
Yang (2019) China WecChat 243
Yeon et al. (2019) South Korea Social network site 323
Yinetal. (2019) China S-commerce site 291
Zhang et al. (2014) China Renren 563
Zhang et al. (2014) China Renren 563
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Table 1. Meta-analysis Results

Construct Mean TR SF SP FM Bl UB
(SD)
Trust 4.44 [0.247, [0.333, [0.114, [0.308, [0.251,
(TR) (1.16) 0.794] 0.918] 0.907] 0.958] 0.729]
84 69 64 455 35
SC Features 416  0.52 [0.387, [0.257, [0.307, [0.137,
(SF) (1.59) (9, 2880) 0.678] 0.649] 0.824] 0.781]
28 32 196 32
Social Presence 421 0.62 0.53 [0.212, [0.224, [0.055,
(SP) (1.41) (6, 1640) (3,923) 0.742] 0.816] 0.594]
51 178 16
Familiarity 483 051 0.45 0.47 [0.167, [0.120,
(FM) (1.17) (7,1923) (4,1240) (6, 1678) 0.830] 0.646]
134 19
Behavioral intention ~ 5.45 0.63 0.56 0.52 0.49 [0.191
(BI) (2.76) (39, 12301) (19, 6364) (19, 6662) (15, 4613) 0.936]
123
Use behavior 323 049 0.45 0.32 0.38 0.56
(UB) (1.10) (4,1281) (4,1323) (3,939 (3,995) (12, 4267)

SD: Standard deviation; CR: Construct reliability (average across studies)
Lower triangular matrix contains: Corrected correlation (Number of findings, Cumulative sample size)
Upper triangular matrix contains: 90% credibility interval [Low, High] Failsafe N
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Figure 1. Research Model
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Figure 2. Emergent Model
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Figure 1. Research Model

Figure 2. Emergent Model
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